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Abstract

The marketing—finance interface is an important resc~rch fieid in marketing, helping demonstrate
the accountability of marketing within comp2nie. and building a necessary interdisciplinary
bridge to finance and accounting research. Si..~e the first comprehensive review article by Srini-
vasan and Hanssens (2009), the marke u.2—nance field has broadened considerably, as has re-
search in finance and accounting. ~"his updated systematic review of extant and new research in-
tegrates research in marketing, 1.naice, and accounting into an overarching marketing—finance
research framework. We lisct ss new methodological developments and offer solutions to recent
technical debates on the = ent-study method and Tobin’s q. Motivated in part by a survey of
marketing—finance researchers, the article identifies and synthesizes four key emerging research
areas: digital marketing and firm value, tradeoffs between “doing good” and “doing well,” the
mechanisms of firm-value effects, and feedback effects. The article closes with a future research
agenda for this dynamic research field and offers key conclusions.
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Event study
1. Introduction
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The academic discipline of finance, both asset pricing and corporate finance, is well linked
with the field of marketing, an initiative referred to as the “marketing—finance interface.” This ar-
ea of research investigates the relationships between marketing-related constructs and metrics
that incorporate the behavior of financial-market participants, including analysts, investors, and
creditors. The main objective of this stream of research is to broaden the scope of marketing to
include investors as a relevant stakeholder, and to demonstrate that marketing matters and should
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get “’a seat at the table’ in important business decisions” (Lehmanr., 2004, p. 74).
1.1. A test of the functioning of markets

One central motive for studying the marketing—finance velationship is to assess the degree to
which markets function well (i.e., results in the allocatiorn ~7 investment capital that serves con-
sumer utility) (Fornell et al., 2006). Achieving this ¢,0a., however, confronts two significant chal-
lenges. First, on the capital side, investmer- de.isions must be motivated by long-term criteria
rather than, for example, short-term cash flows without long-term contributions. Thus, the field
needs investment performance metrics rr,ven to create long-term value. Second, on the market-
ing practice side, it must be pos. hle 0 distinguish effective from ineffective marketing. On the
input side, marketing actior< \.>~'ude decisions on product, price, promotion, and place (the 4Ps).
On the output side, sevei 2! possible key performance indicators or metrics for marketing can af-
fect firm profits (Abramson, Currim, & Sarin, 2005) and shareholder value (Schulze, Skiera, &
Wiesel, 2012). At the same time, across nearly 1,000 published studies, Katsikeas et al. (2016)
report that the average correlation between accounting measures and customer mindset metrics is
only .27 and the intercorrelation across customer-level metrics is only .13. These findings show
that there is still a lot more ground to be covered for effective marketing. However, as marketing

inevitably consumes scarce firm resources of talent, time, and money, the ultimate, generally

agreed-on performance metric is the financial value of the firm. This value is continuously meas-



ured as the stock price of publicly held firms and is occasionally assessed for public and private
firms when mergers or acquisitions occur. It is therefore not surprising that marketing accounta-
bility—defined as the measurement and optimization of the contribution of marketing invest-
ments to firm value—has emerged as a challenging issue for the senior leadership of organiza-
tions. Although marketers are investing more—on average, a record high of 12% of the firm’s
overall budget is spent on marketing (CMO Survey, 2019)—most are unable to connect their in-
vestments with firm value. Instead, they are more likely to focus or. .marketing metrics than on fi-
nancial metrics when making decisions (Mintz & Currim, 201> *’*(le marketers are responsible
for the brand in 91% of companies, they are accountable fo. stock-market performance in only
2% of firms. This leaves CEOs and boards uncertain of ti,~ true value of marketing (CMO Sur-
vey, 2019).
1.2. Brief history of research on the marke’«ng- finance relationship

In 2004, Donald Lehmann edited a s,ecial issue of Journal of Marketing (JM) that paved the
way for future developments at the mar <e.ing—finance interface. In 2006, the Marketing Science
Institute/EMI initiative led to the funding of several research projects that were subsequently pub-
lished in a special section of u; 1 “November 2009). The marketing—finance initiative also
spawned a series of bien, *ar conferences, called the Marketing Meets Wall Street Conference, in
Atlanta (2009), Boston (2011), Singapore (2013), Frankfurt (2015), San Francisco (2017), and
Fontainebleau (2019). Leading journals in marketing and management have published frequent
contributions at the marketing—finance interface. The first review article on this material, written
by Srinivasan and Hanssens (2009, SH hereinafter), appeared in Journal of Marketing Research
(JMR). This was followed by other meta-analysis/review articles (e.g., Edeling & Fischer, 2016;
Sorescu, Warren, & Ertekin, 2017). Books, notably Assessing Marketing Strategy Performance

(Moorman and Lehmann, 2004) and Handbook of Marketing and Finance (Ganesan, 2012) have



also disseminated this research. These academic developments were accompanied by the founda-
tion of the Marketing Accountability Standards Board in 2007, an initiative led by marketers and
academics which aims to advance accountable marketing practices.

1.3. The need for a new review article

The timing is right for a new review article at the marketing—finance interface for several
reasons. First, the number of empirical articles in this domain has increased to 227 since 2009,
compared with 42 articles reviewed in SH. Managers and researche:. are therefore confronted
with an array of metrics, methods, and findings, possibly leadi~a > *aformation overload and a
perceived “marketing performance credibility gap among Loaras, CEOs, CMOs and the supply
chain of agency, media and solution providers that suppo.* tnem” (Diorio, 2017). Second, the
metrics analyzed on both the marketing and firm v »'ue side have increased. Third, several meth-
odological issues, including the general us” of ".obin’s q (Bendle & Butt, 2018) and the execution
of event studies (Skiera, Bayer, & Schoie~ 2017), remain unresolved.

Last, the landscape for marketira rrariagers and researchers since 2009 has changed. The
field is witnessing a growing tre. d toward redefining the role of the corporation from provider of
products and services to ch=mpicn of social issues. Some pundits call the shift to shareholder ac-
tivism a mandate, speciti>any among next-generation consumers who believe that the primary
purpose of a company is not to generate profits but to improve society. This philosophy has many
high-profile supporters, including BlackRock CEO Larry Fink (2019), who called for corpora-
tions to leverage their leadership to solve pressing social problems. Business Roundtable’s (2019)
recent statement to abandon the shareholder-centric view and to balance the claims of all major
stakeholders (customers, employees, suppliers, communities, and shareholders) brought this issue
to the forefront.

1.4. Structure and contributions of the current work



We ask several key research questions. First, how can the metrics that have emerged since
2009 be categorized into a conceptual marketing—finance framework? Second, which data-
analytic advances, such as machine-learning-supported textual analysis, have had a major impact
on the field since 2009? How can the methodological debates since 2009 be resolved? Important-
ly, which generalizable results can be drawn from the countless empirical studies? We organize
these generalizations along the following four themes, motivated in part by a survey we conduct-
ed among researchers from marketing, finance, and accounting: (1) v*gital marketing and firm
value, (2) tradeoffs between “doing good” and “doing well,” (?} u.”~ :nechanisms of firm-value
effects, and (4) feedback effects. Finally, what directions si.~ula future research take against the
backdrop of a business environment that is moving awav ~um a pure shareholder-focused ap-
proach?

In addressing these questions, we offe’ sevaral contributions. For researchers, we provide an
overview of metrics, methods, and findn.>s and an agenda for future research. Our review shows
that finance and accounting researchers ta:kle marketing-related topics, but do so using different
approaches in data collection an' ana:ysis. We explore avenues for enhancing marketing’s posi-
tion among the business dic i 'ires. For marketing managers, we provide insights into the
strongest drivers of firm aiue. Our review also sheds light on the potential of marketing to rec-
oncile the objectives of multiple stakeholders (customers, shareholders, employees, and commu-
nities). For the investor community (analysts and investors), we provide insights into how to in-
corporate information from various marketing actions/signals in their investment decisions and
how they can use marketing-based valuation methods to evaluate entire companies.

2. Scope of the review
2.1. Database compilation and scope

Using the aforementioned definition of the research field, we searched the literature for em-



pirical articles that included marketing-related variables (e.g., marketing organization, marketing
actions, marketing assets) and broad financial-market-related variables (e.g., behavior of finan-
cial-market participants, financial-market performance).> While we acknowledge the importance
of the product-market (e.g., market share) and accounting performance (e.g., profit) as important
mediators of the marketing—firm-value relationship, we do not consider articles that focus on
these metrics in our review. In addition, we exclude purely experimental studies that deal with
consumer financial decision making, including individuals’ investnwnt decisions (e.g., Lynch,
2011).2

We applied the following multistep search procedure, i ~using on journals from marketing
(JM, JMR, Marketing Science, Management Science, Jou.al of the Academy of Marketing Sci-
ence, International Journal of Research in Market.~g, Journal of Retailing, Journal of Service
Research, Journal of Product Innovation M .an7gement, and Marketing Letters), finance (Journal
of Finance, Journal of Financial Econor .ics, and Review of Financial Studies), and accounting
(Accounting Review, Journal of Accaur tir,g Research, and Journal of Accounting and Econom-
ics). We screened finance and ac ~ourcing journals for studies that either fit the search criteria or
were relevant from a methrdo:~cical standpoint (see the resulting matrix, including exemplary
studies, in Web Appenai.” A). We (1) reviewed all the studies cited in SH, the meta-analysis by
Edeling and Fischer (2016), the review on event studies in marketing research by Sorescu et al.

(2017), and Bendle and Butt’s (2018) study on the use of Tobin’s q in marketing; (2) reviewed all

! To make the total number of metrics included in this study manageable, we do not include variables the previous
studies use as control (i.e., are not the focal drivers) variables. In addition, while we comprehensively gather results
for all main effects under investigation, we discuss interaction effects only selectively in the findings section of this
article. While our data show a trend toward contingency studies in the field (i.e., significantly higher proportion after
than before 2009 according to a chi-square test [p = 0.048]), including all interaction effects would make the already-
complex description of relationships in our framework even more complicated.

2 Some of the studies included in our review enrich their archival data analyses with experimental studies of investor
behavior to explain mechanisms of marketing’s firm-value effects (e.g., Wang, Yuan, Li, & Li, 2019).



studies that cite these articles; (3) conducted a keyword search on Google Scholar (e.g., “market-
ing firm value,” “marketing stock return”, “marketing stock risk™); and (4) applied a journal-by-
journal search from 2009, the publication year of SH, to April 30, 2020.

The search led to the identification of 286 empirical articles, 227 (or 79.4%) of which were
published in or after 2009 (Web Appendix B provides a reference list of all included studies).
Fig. 1, panel A, shows the evolution of the number of publications per year, both overall and
journal specific. We conclude as follows: (1) taking the year 2009 «" a positive outlier due to the
JM special issue, there is a general upward trend in published c*iCles; (2) the vast majority of
studies have appeared in major journals with a managerial :~cus (JM and Journal of the Academy
of Marketing Science); and (3) the number of studies dec''iig with marketing—finance topics out-
side the marketing discipline is considerable, witl 59 studies (or 20.6%) in total—among those,
finance has the largest share (28 articles), rollswed by accounting and management/strategy (15
each). Thus, while marketing—finance recearch has been growing rapidly in the marketing disci-
pline, it has also spread (or develorad n parallel) to related disciplines, in particular the founda-
tional field of finance, where th.: focus has been on innovation, advertising, digital metrics, and,
particularly, corporate soci=! i <ronsibility (CSR).

== Insert Figure 1 about here==

The distribution of articles by investigated industry shows that 73.1% are from a mix of in-
dustries, 5.9% from pharmaceuticals, 4.9% from high-tech, 4.2% from consumer durables, 2.4%
from automobiles, and the remaining 9.1% from other single industries (.3% of articles do not re-
port the industry). Thus, a majority of articles use samples obtained across industry sectors,
which enhances the generalizability of the findings. Regional distribution is skewed, with 89.2%
of studies conducted in the US. Thus, despite research showing that global equity markets are in-

tegrated (Park, 2004), generalizations to other international markets are lacking, offering an op-



portunity for further research.
2.2. Survey of marketing—finance and finance/accounting researchers

To add to the insights from our systematic review of previous work, we conducted two
online surveys, one among researchers who have worked on marketing—finance topics and one
among those who have published event studies and/or Tobin’s g-related work in major finance
and accounting journals. The surveys took place from August to October 2019 and included
questions about the most important past and future marketing—finar..~ topics (survey 1), the rele-
vance of marketing topics for finance/accounting researchers (= ™, 2), the influence of digitiza-
tion on the research fields (both surveys), respondents’ ow. tse of different research methods
(survey 1), and recent methodological controversies with..~ ine marketing—finance research field
with respect to event studies and the appropriatere -, o' Tobin’s q (both surveys). For surveys 1
and 2, we obtained usable answers from 6€ anc 46 respondents, respectively, with 51 and 26 in-
dividuals completing the full questionnai .
2.3. Contribution over other reviewe at th: marketing—finance interface

The value of our study lies . its oreadth of coverage of marketing variables and methodolog-
ical approaches. Regardine the marketing variables, we evaluate the full set of variables suggest-
ed by SH (marketing assc*s and actions) and Moorman and Day (2016) (marketing organization,
including capabilities, human capital, configuration, and culture). Regarding methodological ap-
proaches, we incorporate models with other financial outcome variables (e.g., analyst/investor
behavior) and feedback models from the stock market to marketing decision making. In contrast
with the studies of Conchar, Crask, and Zinkhan (2005), Edeling and Fischer (2016), and Sorescu
et al. (2017), which focus specifically on certain variables and/or methods, in the spirit of SH, our
study presents a comprehensive state-of-the-art picture of the marketing—finance research field

(see Web Appendix C for a comparison of review studies).



3. New metrics at the marketing—finance interface

Fig. 2 depicts the framework used to categorize hitherto investigated metrics at the market-
ing—finance interface. Using the frameworks of SH, Edeling and Fischer (2016), and Katsikeas et
al. (2016), we begin from a marketing—finance value chain that links marketing actions through
marketing assets, market, and accounting performance with behavior of the investor community,
culminating in financial-market performance metrics.

== Insert Figure 2 about here ==

We combine this operational marketing—finance value chain \ i*!i the view of Moorman and
Day (2016), who regard “marketing organization” as funda."ental to the achievement of market-
ing excellence. Marketing organization is the strategic fouuation for the functioning of the con-
version of marketing actions into firm value along *"e 1narketing—finance value chain. It consists
of four dimensions: capabilities (“complex our dles of firm-level skills and knowledge and firm
adaptation to marketplace changes”), cow. “iguration (“organizational structures, metrics, and in-
centives/control systems that shape mai ‘¢ ing activities”), human capital (“marketing leaders and
employees ... [Who] create, imp!>meut, and evaluate a firm’s strategy”), and culture (“values,
norms, and behaviors that faci;*t-.te a focus on the market over time”’) (Moorman & Day, 2016, p.
6).

For each of the eight focus categories, Fig. 2 shows the intensity with which marketing—
finance researchers have investigated relationships between marketing variables and financial-
market metrics. Studies have considered both directions, from marketing to finance variables and,
to a lesser degree, feedback effects from the financial market to marketing organization, actions,
and assets. The numbers in parentheses show the number of studies that have dealt with a catego-
ry or an exemplary variable. As one study can include more than one marketing or financial-

market variable, the sum of studies across marketing and finance categories exceeds the number



of empirical studies included in the review (286). The numbers show that the majority of studies
have investigated either marketing action (216) or marketing asset relationships (126), while
marketing organization is a considerably under-explored topic. In organizational studies, re-
searchers have investigated configurational themes (41) the most, followed by human capital (20)
and capabilities (14), but culture only sporadically (4).

The emphasis on classic marketing action and asset topics is also mirrored in the free-text
answers to a survey guestion on the most important marketing—fina..~e interface topics in the past
(see Fig. 1, panel B). The only organizational topic that appearc .. * e list of the most-often-
mentioned themes is chief marketing officer (CMO)/top m«hagement team (4 mentions). Overall,
the top marketing variables that have been investigated by = least 10 articles are advertising ex-
penditures (49), customer satisfaction (33), new ni>uur t introduction (27), CSR activities (22),
R&D expenditures (18), alliances (17), anc' cus.omer-based brand equity (17). On the financial-
market side, studies with financial-marke* performance (391) strongly outnumber studies focus-
ing on the behavior of financial-market nzrticipants (74). Of the eight most-often-investigated
metrics with double-digit studie. six belong to the former group including stock returns (195),
Tobin’s g/market-to-book ratic 7 1), idiosyncratic risk (29), systematic risk (25), market capitali-
zation (13), and cash flov " (L3), while only two metrics are part of the latter category with trading
volume (11) and institutional stock ownership (10).

Using a two-color scheme, Fig. 2 also shows recent metric developments within the market-
ing—finance interface field. All sub-category variables investigated at the time of SH (2009) are
depicted in black (“old”). Conversely, sub-category variables analyzed since 2009 are in red
(“new”). In each sub-category, the first mentioned variable is the most frequently used across all
years, while the second is a new variable since 2009, either with the highest or second-highest

frequency if the most frequently used happens to be a new variable. Three insights emerge. First,



only one new category has surfaced since 2009—the organizational culture dimension. Second,
several sub-categories have emerged in the past 10 years, including customer management in the
“actions” category, general offline and online buzz in the “assets” category, analysts in the “be-
havior” category, and metrics for young firms and debt-related metrics in the “financial-market
performance” category. Third, two sub-categories have not seen any development of new metrics
since 2009—observable customer behavior within marketing assets and equity- and debt-related
metrics within financial-market performance. Overall, the majority ¢ metrics have been intro-
duced since the publication of SH (see Web Appendix D for a “aw.'2d list of metrics, including
their categorization as “old” or “new” and number of occur. »nces). In addition, 53.0% of varia-
bles (55.3% of marketing variables, 46.7% of financial va*unles) have appeared in only one
study.

Fig. 2 includes only information on fo- al-f.rm effects, that is, relationships between a firm’s
marketing variables and its own financia. market outcomes. However, several attempts have ana-
lyzed competitor effects in areas surh &= ianovation, promotion, and advertising (Srinivasan et
al., 2009); customer data breach:s (I\.artin, Borah, & Palmatier, 2017); online negative chatter
about product recalls (Borah o Tellis, 2016); and celebrity endorsements (Knittel & Stango,
2014). Fig. 2 highlights v e narketing sub-categories in which competitor effects have been in-
vestigated (using the subscript comp).

4. Development of methods in marketing and finance/accounting research
4.1. Different methodological approaches in marketing and finance/accounting research

Generally speaking, marketing—finance interface studies in marketing and finance/accounting



differ considerably in terms of several important criteria (see Panel A of Table 1).* First, fi-
nance/accounting studies mainly focus on interesting empirical phenomena using unique data-
bases, such as daily advertising data (Focke, Ruenzi, & Ungeheuer, 2020) and Amazon.com
product reviews (Huang, 2018). The theory section in marketing articles is often lengthier, and a
higher percentage of studies are explicitly based on finance theories such as stakeholder theory
(Wies et al., 2019), psychology-based concepts such as associative network theory (Borah & Tel-
lis, 2016), and interdisciplinary theories such as news value theory (Ctébler & Fischer, 2020).

== Insert Table 1 about her~ =.-

Second, key differences emerge in the direction of inve ~tigation and the foci regarding varia-
bles. The vast majority of marketing articles investigate u.~ raditional direction from marketing
to financial-market metrics, thus contributing to th» go 4l of “nailing down marketing’s impact”
(Hanssens, Rust, & Srivastava, 2009, p. 11"). (.onversely, a much higher percentage of studies in
finance/accounting ask how financial va. ables affect firms’ marketing decision making. We fur-
ther observe asymmetry in metric frei: n-rketing studies are broad on the marketing side but nar-
row on the financial-market side ‘wiuu a focus on the “big 4” firm-value metrics stock return, To-
bin’s g, and idiosyncratic ana _‘<ematic risk). Finance/accounting studies have less breadth on
the marketing side (focu. an innovation, advertising, online metrics, and, particularly, CSR) but
higher variety on the finance side (an especially strong focus on investor behavior metrics such as
trading volume). Finance/accounting articles also investigate more relationships per study, rely-
ing on multi-method designs, a trend that has only recently been adopted by marketing research-

ers for robustness and breadth of insights (Moorman et al., 2019).

% In Web Appendix E, we compare exemplary studies from marketing and finance/accounting that essentially deal
with the same marketing metrics.



Finally, we observe substantive differences in the way marketing and finance/accounting ar-
ticles establish causality in econometric studies (Angrist & Pischke, 2009). Other than event stud-
ies constructed as quasi experiments (see subsequent discussion), marketing researchers have re-
lied mainly on panel-data and instrumental-variable approaches to account for endogeneity
(Germann, Ebbes, & Grewal, 2015) or explicitly modeled the temporal causal nature or structure
of relationships using vector autoregressive (VAR) modeling (Colicev et al., 2018). Identification
is a paramount issue for finance/accounting scholars. Thus, they ofe rely on exogenous shocks
that act as quasi-natural experiments (e.g., an Indian law that m~k.~ CSR expenditures mandatory
for firms above a certain size; Manchiraju & Rajgopal, 201). 1 ne methods to analyze such data
are either regression discontinuity (Manchiraju & Rajgou.'. 2017) or difference-in-differences
(He & Tian, 2013). Accounting researchers have a <o I 2gun using field experiments to evaluate
the effect of news articles on liquidity and .toc'. returns (Lawrence et al., 2018). In general, mar-
keting researchers can benefit from moni:aring the ongoing discussion in finance and accounting
about the potential to show causal effec's (e.g., Gow, Larcker, & Reiss, 2016).

4.2. Evolution of data analytic r.:~thods

SH propose four resear~h mr.thodologies, based on the Fama—French model, that previous
work has used with diffe, ~n. frequencies (see Fig. 1, panel C): short-term (91, 19.8%) and long-
term (11, 2.4%) event studies, stock return response models (75, 16.3%), calendar time portfolio
models (30, 6.5%), and persistence (VAR) models (16, 3.5%). These approaches generally rely
on the efficient market hypothesis in finance, which states that investors fully and immediately
incorporate any new information that has value relevance. In addition to these models, market-
ing—finance researchers have applied firm-value-level models for variables such as Tobin’s q
(Kang, Germann, & Grewal, 2016) (80, 17.4%), risk/volatility models (Han, Mittal, & Zhang,

2017) (44, 9.6%), models for other financial outcome variables such as credit ratings or trading



volume (Anderson & Mansi, 2009; Focke et al., 2020) (54, 11.8%), feedback models that incor-
porate the reverse effect from stock-market performance to marketing actions (Park, Chintagunta,
& Sun, 2019) (46, 10.0%), marketing-based valuation models (McCarthy & Fader, 2018) (7,
1.5%), and structural equation models (Zuo, Fisher, & Yang, 2019) (5, 1.1%).* In what follows,
we discuss several of these methods, including some recent developments in marketing and fi-
nance/accounting research (see Panel B of Table 1).
4.2.1. Factor models

The Fama—French four-factor model, a foundational mode' 1.~ gnizes systematic sources of
cross-sectional differences among firms’ stock returns: the .ize tactor, the market-to-book value
factor, the market risk factor (the original three factors by “ama and French [1993]), and the
momentum factor (added by Carhart [1997]). Forn factor models have been used to compute ab-
normal returns and to calculate systematic «nd .diosyncratic risk, which then serve as input in dif-
ferent firm-value models (Hsu, Fournier, & Srinivasan, 2016). Recently, Fornell, Morgeson, and
Hult (2016) estimated the stock reti'*ns to customer satisfaction using a new five-factor model
suggested by Fama and French ’015). This model augments their original three factors with a
profitability factor (differer~e » returns between diversified portfolios of stocks with strong ver-
sus weak profitability) a1. ! an investment factor (difference in returns between diversified portfo-
lios of stocks of low and high investment firms). In the past five years, the discussion about fac-
tor models in the finance literature has accelerated. In particular, Hou, Xue, and Zhang (2015)
develop their own factor pricing model that also relies on the market, size, profitability, and in-

vestment factor. Recently, Daniel, Hirshleifer, and Sun (2020) introduced a novel behavioral fac-

* Our survey results regarding the distribution of applied methods largely corroborate these trends of the most pre-
ferred methods for marketing—finance research.



tor model based on investor psychology. Researchers have also turned to machine-learning ap-
proaches to identify relevant asset pricing factors and have shown that these methods outperform
traditional four-factor models in return prediction (Gu, Kelly, & Xiu, 2020). These rapid devel-
opments (of which we can only provide an overview) are accompanied by increasing skepticism
toward attempts to find significant drivers of abnormal stock returns, that is, pricing anomalies
(e.g., Harvey, Liu, & Zhu, 2016). We advise marketing researchers to closely follow these devel-
opments (see, e.g., the 2020 special issue on “New Methods in the _-oss-Section” in Review of
Financial Studies).
4.2.2. Event studies

Event-study approaches have had a solid trajectory w:*!i increased use over time, likely be-
cause they allow for an inference of causality in nL=si-.xperimental settings. Event studies are
used to measure short- or long-term value "<lev ance of a discrete event (e.g., Martin et al., 2017).
The intuition behind event-study methoulogy is that, given market efficiency, perfect infor-
mation, and rational investors (Fam= 1191), the effect of a relevant event should be immediately
reflected in stock prices. Both n. rkeung and finance researchers have added to the development
of this method during the r2s1 ‘eirs. In finance, research has introduced the so-called event-study
regression, an alternative *o wne standard analysis of cumulative abnormal returns (e.g., Beber &
Pagano, 2013; Boehmer, Jones, & Zhang, 2013). Hock and Raithel (2020) recently applied this
method to investigate celebrity endorsement scandals. The approach can be superior if the re-
searcher is interested in the effect of direct firm reactions to certain marketing-related events.

A technical issue that often arises in event studies is cross-sectional correlation among ab-
normal returns when the event days are clustered for sample firms, leading to over-rejection of
the null hypothesis of no mean event effect (SH). The calendar time portfolio approach automati-

cally accounts for this problem, but with the limitations that individual-firm abnormal returns



cannot be computed and the test power is generally low (Sorescu et al., 2017). Kolari and Pynno-
nen (2010) suggest a new t-statistic that overcomes the misleading-inference problem of cross-
sectional correlation in single- and multiple-event windows. Feng, Morgan, and Rego (2020) re-
cently applied this t-statistic in their study of unprofitable customer management strategies.

Another development in the finance literature that was transferred to the marketing—finance
interface is the application of the event-study approach to stock price risk instead of returns
(Carlson, Fischer, & Giammarino, 2010). Thomaz and Swaminathz. 2015) use this approach to
analyze the impact of marketing alliances on firm risk.

There have also been recent event-study-related advan.=ments in marketing research. Stand-
ard practice (60.4% of studies in our sample) is to elimin.*~ confounded events (e.g., due to earn-
ings announcements) in short-term event studies L -escu et al. (2017) argue in favor of retaining
such events in the sample to increase statis’«cal power and to decrease the subjectivity in the
choice of confounding announcements. ey provide evidence that retaining versus deleting con-
founded events does not significant!s a.te' results. Park et al.’s (2019) approach contributes to the
question of what proportion of &:*norinal returns are really unpredicted. They decompose abnor-
mal returns to drug approv2! 1.*» a proportion predicted by pharmaceutical managers based on
their pre-approval marke. research and a proportion not predicted by managers before approval
(i.e., new information).

A fundamental decision when conducting event studies is how the abnormal return (AR) or
cumulative abnormal return (CAR), when using event windows of more than a day, should be
calculated. Skiera et al. (2017) develop an innovative and simple solution to the phenomenon that
most marketing events are likely to affect only a firm’s operating business (OB) and not the other
two components of shareholder value (SHB): non-operating assets (NOA, e.g., excess cash) and

debt (DEBT). They derive mathematically that if the assumption of a sole effect on OB holds, the



CAR on the operating business (CAR®®) is equal to the standard CAR®" divided by a firm-
specific “leverage effect” OB/(OB — NOA + DEBT), which describes the relative change in SHV
for a 1% change in operating business. Applying this simple formula to three previously pub-
lished event studies, the researchers show that CAR® results can differ fundamentally from the
standard CAR®" results, including even a change in sign.
Our survey results on the question whether the implications from Skiera et al.’s (2017) study are
likely to be adopted by marketing—finance and finance/accounting i< ~earchers are noteworthy.
While the average score for the first group is 3.6 (SD = 1.1, n = 1., (he second group is more
skeptical (M = 2.6, SD = 1.5, n = 10). Skiera et al. themsel s argue that “events typically ex-
plored in ... finance, such as regulatory changes, natural (*sasters, and mergers and acquisitions,
are likely to influence both the value of the operati 4 bsiness and non-operating assets and debt”
(p. 644). Our suggestion to researchers wh’. we at to conduct marketing event studies resembles
Skiera et al.’s call to elaborate more on v.hich parts of SHV are influenced by marketing events.
First evidence (albeit not in an event-st.'dy setting) shows that marketing assets such as customer
satisfaction and brand equity ca:: have a significant effect on debt-related metrics such as credit
ratings (Anderson & Mansi. 220%; Himme & Fischer, 2014) and cash holdings (Bharadwaj,
Hanssens & Rao, 2020; arkin, 2013), so a general statement is not possible. Given that the com-
ponents of the leverage effect are publicly available, calculating CAR®®, comparing it with
CAR*™ and interpreting potential differences should be standard practice in marketing—finance
research (for a recent application, see Lim, Tuli, & Dekimpe, 2018).
4.2.3. Stock return response models and calendar time portfolios

Stock return response models typically measure incremental value relevance of continuous
marketing metrics that are not fully reflected in contemporaneous accounting performance. These

models are used to establish whether investors perceive information on changes in marketing ac-



tivity, such as advertising spending, as contributing to a change in the projection of future cash
flows. Importantly, these models are based on the efficient market hypothesis and recognize that
investors react only to new information, which is operationalized as the difference between the
actual and expected level of the independent variable (e.g., Edeling & Fischer, 2016; Mizik & Ja-
cobson, 2009; SH). Yet empirical marketing—finance researchers need to consider the distinction
between unexpected changes and levels of marketing actions, which many still ignore (e.g.,
Lariviere et al., 2016). Recently, Mizik (2014) suggested a method « at builds on stock return re-
sponse modeling that enables the analysis of the total long-term ti.>=xcial consequences of mar-
keting assets and their decomposition into immediate and 1. ture effects.

Calendar time portfolios measure mispricing, or “the ~xtent to which the financial markets
fail to react to information that has long-term prefit :mulications or overreact to information that
does not have long-term profit implication” * (J i«cobson & Mizik, 2009, p. 837). Research has ex-
tended this approach to incorporate the r >ma—French five-factor model (see Fornell et al., 2016).
4.2.4. Persistence models

Persistence models involvii.» tin.e-series methods are well suited to analyze stock price data
and their sensitivity to new mc-k:ting information (e.g., Colicev et al., 2018). They are flexible to
accommodate dynamics, “eeuback loops from investors to managers, and deviations from the ef-
ficient market hypothesis. In addition, they can flexibly incorporate risk and other performance
variables. In the past few years, marketing—finance research has applied panel-VAR models,
which exploit cross-sectional variation when long time series are not available. Kang et al. (2016)
use annual data on more than 4,500 firms across 19 years (i.e., a large cross-section and short
time series) to model the interplay among CSR, corporate social irresponsibility (CSl), and firm
value using a structural panel-VAR model that allows contemporaneous effects among some of

the endogenous variables. Recently, Huang and Trusov (2020) introduced interactions in a panel-



VAR model to investigate how the interrelationship between firm financial performance and ex-
ecutive compensation varies with productivity and customer satisfaction levels. Overall, persis-
tence models continue to remain in the methods toolkit for marketing—finance researchers, espe-
cially as granular weekly or even daily data (Colicev et al., 2018) become more available.

4.2.5. Tobin’s g models

Firm-value-level models include all models that connect a firm-value dependent variable in
levels (i.c., cash flow, market capitalization, Tobin’s q, and market >-book ratio) with an inde-
pendent marketing variable. The frequent and growing use of !~ ~0dels is surprising given
criticism that autocorrelation leads to downward-biased sta. dara errors and false inferences
(Edeling & Fischer, 2016; Mizik & Jacobson, 2009). The ~ost-often used metric, Tobin’s q, is
under special scrutiny. In a thought-provoking st , Eendle and Butt (2018) question the validi-
ty of marketing—finance studies that use ac -our ting-based approximations of Tobin’s q (AATQ)
as the dependent firm-value variable. The core criticism is that market-based assets such as self-
created customer satisfaction or brand ¢ 1.ity go unrecorded in firms’ accounting reports, leading
to a biased measure of a firm’s 1. nlacement value in the denominator of the AATQ formula. The
authors formally show that ne, “2:mance-neutral marketing decisions such as converting advertis-
ing expenditures (cash) 1. °to nrand equity (unrecorded asset) increase AATQ, which results in an
over-estimation of the value relevance of marketing.

Considering that Tobin’s q (and the related market-to-book ratio) is the second most often
used firm-value variable (after stock return, see section 3) in our review, we offer several obser-
vations and potential remedies to the discussion. First, the criticism of AATQ is not new. Mizik
and Jacobson (2009), in their commentary to SH, already mention the measurement error in the
denominator of AATQ as a critical flaw. Edeling and Fischer’s (2016) meta-analysis shows that

elasticities derived from “intangibles-to-tangibles” models are substantially larger than the elas-



ticities derived from stock return models. Second, the criticism is not limited to the marketing
field. Finance researchers are frank about the fact that “proxies of Tobin’s q are imperfect
measures of firm value” (Gurun & Butler, 2012, p. 586). Third, despite these limitations, and
similar to researchers in marketing, finance and accounting researchers continue to use Tobin’s q
in their models. Use of the keyword “Tobin’s q”” in Google Scholar led to 266 identified articles
in the top three finance journals and 81 articles in the top three accounting journals (both accord-
ing to the UT Dallas list) since 2010. However, the majority of thesc studies use Tobin’s q as a
regressor that measures firms’ future growth or investment opr~rio~.ties rather than as the de-
pendent variable. Not surprisingly, respondents in our finai.~e/accounting survey concur that
stock returns should be preferred to Tobin’s q as a perfori. ance metric (M = 4.22, SD = .67, scale
from 1 [completely disagree] to 5 [completely agre ). The only slightly lower score for market-
ing—finance researchers (M = 3.76, SD =1 J9) /or this question shows that the community is
largely aware of the shortcomings of Tou'n’s q. Finally, similar to the event-study-related sug-
gestions, we urge researchers to justify -h.. choice of firm-value metrics (previous use in a top
marketing journal is not a justifi:atior) and to use more than one metric for robustness. One of
these metrics could actually’ be 2 variant of the traditional AATQ, a measure called “Total g” de-
veloped by Peters ana T« 1or (2017) in the finance field. This easily computable measure ac-
counts for intangible capital in the denominator as the sum of so-called knowledge capital (based
on R&D expenditures) and organization capital (based on selling, general, and administrative ex-
penditures). The metric, applied recently in the marketing literature by Du and Osmonbekov
(2019) and popular in the finance literature (301 citations on Google Scholar as of May 1, 2020),
is closer to the true Tobin’s q measure than AATQ and thus could overcome many of the prob-
lems Bendle and Butt (2018) discuss.

4.2.6. Marketing-based valuation



At a more strategic level, emerging from the marketing—finance literature is a new approach
to firm valuation, marketing-based valuation, that monetizes the expected value of a firm’s cus-
tomer relationships as a proxy for its future financial outlook. This is achieved by deriving the
customer equity of the firm, or the sum of expected net revenues from current customers and fu-
ture customer acquisitions.® Gupta, Lehmann, and Stuart (2004) pioneered this approach and ap-
plied it to the valuation of several high-technology firms. They also reported on the high custom-
er retention > firm-value elasticity of around 5, which draws attenuan to the strategic im-
portance of generating high customer satisfaction levels. Schu!=e * #1. (2012) expanded on this
work by incorporating debt and non-operating assets in the ~alculations. They, too, report a high-
er-than-unity elasticity of customer equity on shareholder - “afue. More recently, McCarthy, Fader,
and Hardie (2017) demonstrated that publicly disc.~ser. customer data are sufficient to derive
customer-based corporate valuations and t* at th.is can be done even for non-contractual firms
(McCarthy & Fader, 2018). Overall, the cstablishment of a strong link between customer equity
and firm value (meta-analytic averane ¢'asticity of .72 in Edeling and Fischer [2016]) is perhaps
the most important indicator of e suategic importance of good marketing.

4.3. Development of data c~he~t*on methods: Textual analysis approaches

In addition to the de.=lupments in data analysis methods, important progress has been made
with respect to data collection methods in the past 10 years. The most important digitization-
triggered novelty is that marketing—finance researchers augment structured numeric marketing

data (e.g., advertising expenditures, customer satisfaction ratings) with unstructured textual data

® The tangible parts of firm value, such as plants and equipment, should be included separately.



(Berger et al., 2020). Table 2 contains previous applications of automated textual analysis® in the
domain and categorizes them according to the data used and the extracted text information. While
a majority of applications use consumer-generated social media data (e.g., Bartov, Faurel, & Mo-
hanram, 2018; Borah & Tellis, 2016), we observe a recent trend toward the study of firm-
generated text data from 10-K reports (e.g., Frennea, Han, & Mittal, 2019) and press announce-
ments (e.g., Dotzel & Shankar, 2019). Other used sources are newspapers (Solomon, 2012;
Xiong & Bharadwaj, 2013) and books. Sorescu et al. (2018) use thc fublicly available Google
Books Ngram Viewer tool to identify the historical usage of certa. *.vords in published books.
== Insert Table 2 about .ere ==

These studies extract different types of text informaucs from the given data, which can
broadly be divided into simple volume of documal t; (¢.g., reviews as in Tirunillai and Tellis
[2012]) or words (Sorescu et al., 2018) anc mo e complex classification outcomes. We distin-
guish among sentiment classification (di_*inguishing between positive and negative sentiment),
content classification (assigning pre-de ir2d category labels), and topic modeling (exploratively
identifying general topics; see E “rgei et al., 2020; Hartmann et al., 2019). Marketing—finance re-
search has predominantly d=a, \» ith sentiment analysis and content classification, while using
topic modeling only spoi >aically. While topic modeling relies on unsupervised machine-learning
techniques such as Latent Dirichlet allocation, sentiment and content classification can be execut-
ed using either lexicon-based methods or supervised machine-learning approaches (Hartmann et
al., 2019), with applications in marketing favoring the latter. However, researchers in accounting

and finance are less enthusiastic about the often-complex machine-learning algorithms because of

® Automated textual analysis is distinct from manual textual analysis that is also applied at the marketing—finance in-
terface (e.qg., Bayer, Tuli, & Skiera, 2017). Manual coding reaches its limits with extensive text data, as is customary
in marketing and finance.



their potential lack of transparency (Loughran & McDonald, 2016).
5. New findings
5.1. Overview

Given the multitude of empirical findings at the marketing—finance interface and in the inter-
est of space, we present an overview of findings in this section and selected findings based on
their importance for the field (section 5.2). Table 3 summarizes the findings for the marketing >
financial-market effects for the 10 most-often analyzed marketing .1 finance variables. We fo-
cus on this classic direction because feedback effects have beer i1, =stigated much less often (see
section 5.2.4). Note that the entries (1) are based on regress.n coefficients; (2) contain main ef-
fects only; and (3) distinguish among significantly positiv ~ (+), non-significant (0), significantly
negative (-), and non-studied relationships (gray f.~'ds,. A study can contribute more than one
effect if findings are inconsistent across m- cthor.s (e.g., Fornell et al., 2006) or samples (e.g., Bal-
asubramanian, Mathur, & Thakur, 2005). \We find that though these are the most-often studied re-
lationships, 78 of the 140 cells are still -y, indicating a large potential for future research. Be-
cause stock return is the only fii."nce outcome variable that is covered for each of the marketing
variables, we rely on stock-rew.r. effects for our generalizable conclusions.’

We identify four gro.'ns of marketing variables to organize the findings overview. The first
group comprises variables with only positive or neutral stock-return effects—that is, the market-
ing action variable new-product introductions as well as the marketing asset variables customer
satisfaction, customer-based brand equity, product quality, financial brand equity, earned social

media volume, and positive sentiment. The second group includes advertising expenditures and

" «Real” empirical generalizations are derived from quantitative meta-analyses (Hanssens, 2018), which, unlike our
qualitative systematic review, allows for a mean effect size as in Edeling and Fischer (2016).



alliances, variables that have mixed positive and negative findings, with a predominance of posi-
tive effects. The third group contains R&D expenditures and CSR actions, which have mixed ef-
fects with an exact (R&D) or approximate (CSR) balance of positive and negative findings. The
fourth group consists of variables with a preponderance of negative previous effects, such as
product recalls, earned social media negative sentiment, and myopic management.

Based on this synthesis, companies’ strongest marketing-related stock-return levers are new-
product introductions; the three central mindset variables—customc, satisfaction, brand equity,
and perceived product quality—and the volume and positive senti, 2t of online buzz that brands
and firms generate. Firms should be especially focused on \.“eventing myopic management,
product recalls, and negative social media coverage. Intei>~ungly, several studies identify signifi-
cant relationships across these variables, such as a ™.ghar likelihood of product recalls for myopic
firms (Bendig et al., 2018) or an amplifyin’« ne jative stock-return effect of online chatter associ-
ated with product recalls (Borah & Telhs, 2016; Hsu & Lawrence, 2016).

—= [1se2rt Table 3 about here ==
5.2. Selected findings in four me,ar tupic areas

We select four major trnic 2:eas based on our judgment of dominant issues in the field and a
synthesis of the answers (1 our survey questions on important extant and future topics (see Fig. 1,
panels B and D): digital marketing and firm value (section 5.2.1); tradeoffs between doing good
and doing well (5.2.2); mechanisms of firm-value effects, for which we cover selected modera-
tion and mediation findings (5.2.3); and feedback effects from the financial market to marketing
decisions (5.2.4). For each topic area, we offer several synthesizing statements based on emerg-
ing empirical patterns. Web Appendix F includes a list of selected studies published since 2009
within each area, including a summary of their main findings.

5.2.1. Digital marketing and firm value



Despite the dominant role of digital marketing in marketing research (Lamberton & Stephen,
2016), surprisingly few studies have examined the relationship between digital marketing and
firm value. A quote from our survey offers a potential explanation: “Marketing—finance topics
tend to be more strategic whereas research on digitization from firm perspective has been mostly
tactical.” Regarding firms’ online communication actions, the limited published evidence sug-
gests that the firm-value impact of online advertising lies between the effect of offline national
and regional advertising, but negative interaction effects of the threc media types hint at weak
communication integration or a ceiling effect of the impact of ~4v2+*:sing in general (Sridhar et
al., 2016). Bayer et al. (2020) show that paid search advert.. ing nas a more positive effect on
sales than offline advertising, consistent with paid search >zing closest to the actual purchase de-
cision and having enhanced targeting abilities. The'’ fir.d that display advertising has a relatively
more positive effect on Tobin's g than offl’ e a dvertising, consistent with its long-term effects.

In the social media sphere, firms’ owned social media has both direct and indirect (via its ef-
fect on mindset metrics) effects on ~hncrrial stock returns (Colicev et al., 2018). The financial
market highly values the introdi “tior, of mobile apps, and the intended purpose of the app (e.g.,
social interaction vs. purch=se, r'ays a moderating role (Boyd, Kannan, & Slotegraaf, 2019; Cao,
Liu, & Cao, 2018).

Finding 1. Online communication actions by firms have a positive effect on firm value.

Earned online buzz has been researched extensively. Beyond the findings that the volume of
earned social media and the negative sentiment of social media affect stock prices significantly
(see section 5.1), there is evidence of sentiment asymmetries: negative chatter hurts firm perfor-
mance, but positive chatter does not improve firm value to the same absolute extent (Colicev et
al., 2018; Tirunillai & Tellis, 2012). Negative chatter is also likely to affect competitor stock re-

turns positively in general but negatively during product recalls (Borah & Tellis, 2016; Tirunillai



& Tellis, 2012). However, social media is a stronger predictor of stock returns and stock risk than
more traditional online buzz metrics, such as online search and web traffic (Luo, Zhang, & Duan,
2013). Twitter tweets and Amazon product reviews are especially important predictors of abnor-
mal returns (Bartov et al., 2018; Huang, 2018).

Finding 2. Owned social media is a driver of firm value, with potential asymmetries for positive
and negative sentiment and likely spillovers on rivals.

Data privacy is an evolving field in digital marketing research (Martin & Murphy, 2017).
Customer data breaches appear to harm the stock return of both t'ie ftected firms and their com-
petitors (Kashmiri, Nicol, & Hsu, 2017; Martin et al., 2017). -irn:5 can mitigate the negative con-
sequences by giving customer control of their data via out-c ' options (Martin et al., 2017) and
by investing in stronger marketing capability and IT kr.ow-how in the top management team
(Kashmiri et al., 2017).

Finding 3. Data breaches can have severe ne ative firm-value effects on focal firms and, to a
lesser degree, rival firms.

5.2.2. Tradeoffs between doing good ard noing well

Marketing—finance research nas ~xtensively examined whether creating value for sharehold-
ers versus for three other impartant stakeholder groups (customers, employees, and society as a
whole) is actually a trau>my or whether mutual benefits are possible. The positive empirical evi-
dence for marketing’s main stakeholder group, customers, and their satisfaction is overwhelming
(see section 5.1), based not only on the widely used ACSI database but also on a customer satis-
faction measure from Interbrand (Colicev et al., 2018) and Amazon customer reviews (Huang,
2018). However, the routes by which customer satisfaction increases firm value, via loyalty in-
tention (another mindset metric; Lariviere et al., 2016), earnings surprises (Fornell et al. 2016), or
analyst recommendations (Luo, Homburg, & Wieseke, 2010), need further investigation, as do

industry-specific heterogeneity (Lariviere et al., 2016) and interactions with other mindset met-



rics (Himme & Fischer, 2014)

Finding 4. In general, positive changes for the customer stakeholder group in terms of higher
customer satisfaction are associated with positive shareholder effects.

The yearly abnormal return to the intangible asset employee satisfaction (measured via For-
tune’s “100 Best Companies to Work for in America” ranking) is 3.5% (Edmans, 2011), and thus
only approximately one-third of the yearly abnormal return to customer satisfaction of 10.8%
(Fornell et al., 2016). Green et al.’s (2019) recent study finds that firms with improving online
employee reviews on Glassdoor.com also outperform firms that ¢ xporience declines in these
crowdsourced ratings. Firms’ activities to improve their hum. n ¢z »ital must be considered in par-
allel to their customer-focused marketing initiatives. Vo nuory, Homburg, and Bornemann (2015)
find significant human-capital effects on Tobin’s g. ~asn flow, and cash flow volatility only when
interacted with the customer-based brand equity ~f a irm. Similarly, Groening, Mittal, and
Zhang (2016) show that positive (negative) a. fions toward employees are an especially positive
(negative) signal for investors when th<, ¢ occur with positive (negative) customer-related
achievements. In addition, online i b postings by firms, especially those that signal hiring for
growth, have positive effects o1, stuck prices (Gutierrez et al., 2020).

Finding 5. Preliminarv e''idei ce suggests that employee satisfaction has a positive effect on firm
value and a positive inte.2cuun with a firm’s brand and customer activities.

The stakeholder group of society/communities, which is often the target of CSR activities,
has the most questionable mutual benefit with shareholders (see also section 5.1). For example,
the announcement of cause-related marketing initiatives can even decrease shareholder wealth
(Woodroof et al., 2019). Similarly, the introduction of an Indian law that forces firms that fulfill
certain criteria to spend at least 2% of their net income on CSR has led to a significant firm-value
loss for affected firms (Manchiraju & Rajgopal, 2017). Again, marketing plays an important role

in mitigating the negative consequences through better corporate reputation (Woodroof et al.,



2019) or by helping firms reap positive firm-value benefits through higher advertising expendi-
tures and a better prior reputation (Servaes & Tamayo, 2013). Kang et al.’s (2016) study on the
interplay of CSR and CSI, which together can be termed “corporate social behavior,” shows that
firms aim to weaken the detrimental effects of CSI through a subsequent increase of CSR but are
not rewarded by the stock market. Dai, Liang, and Lilian (2020) identify a key interaction effect,
in which buyers’ and suppliers’ collaborative CSR efforts improve firm value of both firms.
Finding 6. Evidence of the shareholder-value effect of investing in CSR is highly mixed and con-

tingent on a firm’s marketing and CSI activities, as well as other rr1. s> CSR behavior in the val-
ue chain.

5.2.3. Mechanisms of firm-value effects

A critical point raised in the marketing—finance surv./ s the perception that most studies use
overly simplistic models and that researchers shou @ gc “beyond studies that show how market-
ing action/asset affects stock return” (quotr fro n one researcher surveyed). Our review shows
that this perception may not be accurate though. In addition to the methodological advances we
outline, the majority of studies (66.1%) use moderation-effects models, with a significantly high-
er proportion since 2009 (69.6% vs. 22.5%; chi-square test, p =.048). Use of mediation models is
still low (9.1%) but has grow:. ccasiderably since 2009 (11.0% vs. 1.7%; p = .085).

The number of intei>cuun effects investigated at the marketing—finance interface is vast. In
particular, each event study that uses a regression analysis to identify drivers of abnormal returns
is essentially an interaction analysis with many moderating variables. Standard regression models
include various interaction effects as well, as Nath and Bharadwaj’s (2020) recent study on the
contingency effects of the CMO presence—firm value relationship shows. Thus, full coverage of
all moderation effects would go beyond the scope of this article. The situation for mediation find-
ings is somewhat less cluttered, but again a broad discussion of effects is not feasible. Neverthe-

less, we include in Web Appendices G-I three tables that report moderation and mediation find-



ings. Whenever possible, we select studies that deal with our two themes “digital marketing and
firm value” (depicted in green) and “tradeoffs between doing good and doing well” (depicted in
yellow). The tables help identify areas that are still under-researched in terms of interaction and
mediation effects. Web Appendix G, which includes selected moderation studies for the market-
ing = financial-market direction, shows, for example, that, so far, no studies have examined the
interaction between configuration and human capital. Web Appendix H, which entails all interac-
tion studies in the opposite direction, shows even more uncovered (4 ay) areas in need of investi-
gation (e.g., how the behavior of financial-market participants ~ou'<d with financial-market per-
formance affects marketing decisions). Mediation studies a. » more evenly distributed across our
defined marketing and financial-market categories, as the “.l coverage in Web Appendix |
shows. However, we were unable to identify studice th it include metrics related to the marketing-
organization categories configuration, hurr 1n capital, or culture as mediators. In addition, with
one exception (Malshe & Agarwal, 2015 all mediation studies follow the direction marketing >
financial market, thus calling for fut'ire research to show a chain of effects in feedback studies.
Overall, various moderation an mea.ation effects have been studied at the marketing—finance in-
terface, but opportunities tr in -ectigate other mechanisms remain.

Several recent studic~ have investigated investor attention and expectations as explanatory
mechanisms for the shareholder-value effects of marketing metrics. Xiong and Bharadwaj (2013)
show that corporate news, combined with advertising activities, can have an effect on proxies of
investor attention (i.e., firm ticker Google search and trading volume). Similarly, Warren and
Sorescu (2017b) investigate the role of the investor community as recipients of corporate infor-
mation and find that their attention (measured by trading volume, institutional holdings, and ana-
lyst following) is driven by concurrent announcements of new product introductions with other

firm news. Marketing variables also shape investor expectations of corporate announcements.



Specifically, investors react less to (i.e., are less surprised by) new product introductions if a firm
has introduced many new products in the past or if the volume of past news sentiment is high
(Warren & Sorescu, 2017a). Chen, Wu, and Yang (2019) identify a similar anticipation mecha-
nism in their study on the financial value of fintech innovations.

Finding 7. Abnormal returns to firms’ marketing activities should be regarded not solely as rep-

resentative of the net present value of future cash flows but also as an indicator of how salient the
information is and the extent to which investors have formed previous expectations of it.

Few studies have addressed the “mechanism question” using e:.rerimental investigations of
individual investor behavior. Wiles et al. (2010) use lab experime ~t< (0 validate their findings re-
garding the stock return effect of deceptive advertising in t-e pniarmaceutical industry. Recently,
Wang et al. (2019) corroborated their study findings of a cigaificantly higher valuation for Chi-
nese home-name stocks in two lab experiments, u<irg iavestor identification and motivation to
self-enhance as mediator and moderator, re.per tivery. Further experimental research is required
to validate aggregate-level findings witr, *ndividual-investor-level behavior.

One mediating/moderating partv w 2 Fighlight here is financial analysts, who act as infor-
mation intermediaries within thc mai:eting—firm value chain. Luo et al. (2010) show that analyst
recommendation level and disersion mediate the relationship between customer satisfaction and
stock returns and systen.>tic and idiosyncratic risk. Luo and de Jong (2012) show similar effects
of other analyst-related variables (coverage, earnings forecast) on the advertising—firm value rela-
tionship. Likewise, Du and Osmonbekov (2019) show that analyst coverage plays a moderating
role, in that advertising only affects firm value positively when firms are not covered by analysts,
implying that analyst coverage and firm advertising are substitutes.

Finding 8. Financial analysts play an important mediating and moderating role in the marketing—
firm value relationship.

5.2.4. Feedback effects



The number of studies investigating reverse causality from the stock market to firm market-
ing decisions has grown significantly since 2009 (see section 4). We categorize these studies as
research on (1) myopic management, (2) effects from financial-market metrics to marketing deci-
sions, and (3) effects of the status of the company (public vs. private). Myopic management, or
the practice of “overemphasiz[ing] strategies with immediate payoffs at the expense of strategies
with superior but more distant payoffs” (Mizik, 2010, p. 594), occurs frequently (20%) and has
severe long-term negative consequences that are actually worse tha.. the effects of accruals-based
earnings manipulation (Kothari, Mizik, & Roychowdhury, 2015, *i_ik, 2010). Recent research
finds that marketing myopia is especially common among v.*ms that use share repurchases to in-
crease short-term earnings per share and that its long-tern. niegative consequences extend beyond
the financial market to the product market in terms «f ¢ higher number or product recalls (Bendig
et al., 2018). The good news is that firms ¢ n r.duce myopic management by increasing market-
ing’s relevance within the organization, »>cluding by having a powerful marketing department
and a CEO who has a marketing barkgi 2.nd (Srinivasan & Ramani, 2019).

Finding 9. Myopic managemer. has .iegative stock-market consequences, and firms should aim
to introduce organizational struc*ires to reduce its occurrence.

Extant and new resec 'ch \ as established that managers adapt their managerial decision mak-
ing in response to stock nr ce return and volatility signals (Chakravarty & Grewal, 2011; Focke et
al., 2020). Adding to this work, Park et al. (2019) find that firms react to a higher unpredicted
proportion of abnormal returns to new drug approvals by increasing the marketing budgets for
these products. This managerial practice of “listening” to the stock market is rewarded in the
product market in this case, as post-approval advertising sales elasticities are also higher. In a re-
lated study, Mian, Sharma, and Gul (2018) find that firms increase their advertising expenditures

significantly when the general investor sentiment (measured by variables such as number of ini-



tial public offerings in the market) is high. However, in contrast with Park et al., that study shows
that such a practice should be avoided, as advertising effectiveness is lower when sentiment is
high. Finally, a recent meta-analysis in the organizational behavior literature (Porto & Foxall,
2019) documents that, across a large sample of nearly 12,000 public firms in the US and UK, fi-
nancial gains only partially feed back to subsequent marketing investments. Thus, “marketing is
effective in generating financial gains, but it is not a sustainable activity, requiring managers to
inject more money to do more marketing” (Porto & Foxall, 2019, ... 138-139).

Finding 10. Firms react to stock-market-related signals by adat.> ineir marketing activities,
with mixed consequences for their product-market performar.-e.

An important question is how stock-market listings pe: se affect firms’ marketing behavior.
The empirical evidence on this question is limited t~ fi.ms’ 1anovation behavior. Moorman et al.
(2012) find that publicly listed firms time their i, novation activities so that they appear to have
more innovations from year to year than priv. ‘e firms. Wies and Moorman (2015) and Bernstein
(2015) show that not only is the publir-i.~arnet effect limited to such a “ratchet strategy” but firms
also change their overall innovatic 1 beravior when turning from private to public. They increase
the volume and variance of innc 7ac.ons but sacrifice radicalness and originality.

Finding 11. Firms that ar > (0n become) publicly listed alter their innovation behavior substantial-
ly.

6. Emerging trends and future research directions

Our review emphasizes the role of investors in the formulation and implementation of mar-
keting tactics and strategies. Revisiting the research agenda in SH, we find that several questions
posed have been answered since 2009 while a few remain unaddressed. One such under-
researched topic pertains to biases in investor decision making. For example, when are investor
reactions accurate, how do biases occur, and how can they be corrected? Furthermore, as 90% of

the studies in this review are from US settings, we call for future research to extend the findings



to other international markets. We next provide a rich research agenda for marketing scholars in
this domain organized into substantive and methodological topics.

6.1. Substantive topics for future research

First, we call for marketing scholars to collaborate with finance in the area of fintech in
which investment decisions incorporate insights from marketing models. Relatedly, the adoption
of artificial intelligence (Al) can enhance firm value in two ways. Al adoption can increase firm
value by increasing productivity through improving workflow effic. ncies, and Al technologies
can potentially increase the value of existing investments within .= irm (Cockburn, Henderson,
& Stern, 2017). Combined, these two features of Al technc agies suggest that adopting them will
substantially increase firm value. A key empirical challe,.~ in many studies on technology adop-
tion is identifying investments in new technologie. vt asures of R&D will not suffice, as these
capture the firm’s total investment, not just n r 2w echnologies. This calls for new measures
based on textual analysis of a firm’s dis.'osure of Al activities, which might be replicable for a
large sample of publicly listed firms. U gi:1zation presents new and ongoing research issues on
online reviews, crypto currency “rou.Ccts, consumer privacy, and data breaches, and their impact
on investor behavior should L. irvestigated.

Second, we call for .2scarch on how marketers can leverage financial decisions for more ef-
ficient and effective marketing. A focus on advertising efficiency rather than effectiveness, driv-
en by a fiduciary responsibility to shareholders, may have led firms to over-invest in digital ad-
vertising at the expense of long-term brand building, a decision that top management teams at
Adidas and Gap have begun to question (Bayer et al., 2020; Graham, 2019). Relatedly, the ques-
tion of how financial outcomes feed back to marketing decisions needs to be addressed more sys-
tematically. For example, research could address how CMOs/marketing managers view the effect

of capital market feedback on marketing plans and strategies, including product innovations (e.g.,



Park et al., 2019), service offerings, pricing, and pricing responses of competitors, and selection
of distribution channels. A related topic is the effect of “going private” and how a delisting from
the stock market affects marketing actions and assets.

Third, we call for research on the effect of economic and social transformations on marketing
decisions. An important macroeconomic trend of the past few years has been the global decrease
in interest rates to historic lows, which positively affects individuals’ risk-taking behavior (Lian,
Ma, & Wang, 2018). Future studies could address the question of ko ¥ “cheap money” influences
consumers’ and marketing managers’ decisions. Other highly rle >t topics are recessions (e.g.,
the one caused by COVID-19) and demographics (e.g., the ~aing global population).

Fourth, the marketing—finance literature has long em.~asized returns versus risk, with the
former aligning with metrics traditionally studied \» m:.rketing, such as market share, revenues,
or profits. As a consequence, theories and *1sic ats are better developed for returns, even though
risk-related topics have received a great .=al of coverage in accounting and finance. Increasingly
salient are socio-economic and politica. icsues that have the potential to affect firm value (see
Bhagwat et al., 2020; Fournier, _rinivasan, & Marrinan, 2020; Josephson et al. 2019). Given ris-
ing stakeholder expectatiors o< r'sk-laden issues such as immigration, gender and race equality,
#MeToo, political ideologv, income inequality, climate change, and gun control, firms often find
themselves in situations—whether by intended action or by unintended association—in which
they confront bad publicity, consumer protests, value-damaging boycotts, and even legal prosecu-
tion (Cohen & Gurun, 2018). Further research is necessary on emerging risks that capture stake-
holder attention and lead to brand devaluation, cash flow volatility and firm risk, and attendant
firm-value drawdowns.

Finally, future research should consider the topic of human capital and the role of CMOs/top

management teams, a frequently mentioned theme among our survey respondents. Ya, Sriniva-



san, Joshi, and Pauwels’s (2020) study provides a systematic review and agenda on this topic.

6.2. Methodological topics for future research
We see several opportunities for future research in the methodological area. First, we call

for further research using machine learning to parse marketing-related topics in financial and oth-
er data sources. Given the interdisciplinary nature of the research field, marketing—finance re-
searchers should consult both the marketing and finance/accounting literature when deciding on
machine-learning approaches, justify their choice, and, when in do’ibt, compare the accuracy of
different algorithms (Borah & Tellis, 2016; Hartmann et al., 201%). \"uture research could use
natural language processing, such as random forest or Naive .Raye 3, of publicly available infor-
mation in company statements. Second, and more gener lly, researchers should be open to using
a variety of data sources, including earnings calls (¢.;, Chen, Demers, & Lev, 2018), CSR re-
ports (e.g., Dhaliwal et al., 2012), analyst rep~rts ‘e.g., Huang, Zang, & Zheng, 2014), datasets on
the Text-based Network Industry Classificati.s by Hoberg and Phillips (2016) and used in mar-
keting by Kashmiri et al. (2017), prod.c. market fluidity data (Hoberg et al., 2014; Panagopoulos
et al., 2018) and finance-oriented . rora- list dictionaries (e.g., Loughran & McDonald, 2011) from
the finance/accounting literature.

Third, research shorld 'nve stigate the causal effects of marketing on firm value. For example,
Covid-19 provides an ex~yenous shock that researchers could use in techniques such as differ-
ence-in-differences or regression discontinuity approaches (Angrist & Pischke, 2009) to assess
the causal impact of drivers of interest on stock performance. Related questions are whether and
how randomized controlled trials can be rigorously applied to marketing—finance research.

Finally, more work is required on individual investor behavior data, from either lab or field
experiments. Marketing—finance researchers should be open to behavioral work and to collabora-

tions with the growing consumer—financial decision making community. Furthermore, studies



could adapt recent works in finance (e.g., Fecht, Hackethal, & Karabulut, 2018) that examine in-
dividual retail investor (vs. institutional investor) stock-holding data.
7. Conclusion

This article provides a comprehensive review of the substantial body of research at the mar-
keting—finance interface since 2009, based on 286 published articles and augmented with insights
from surveys of leading academics. Given the growing pressure on marketing executives to
demonstrate the financial accountability of their initiatives, the stuc.os reviewed are important, as
they demonstrate the clear linkage between marketing actions ~nu ‘~vestor response. Bridging
multiple streams across disciplines, research at the marketi,.n—tinance interface can substantively
enhance the management literature.

Our review also reveals that the relationship b *we 2n marketing-related activities (industry-,
firm-, and customer-level) and firm value v «ill ~,ontinue to be one of the most important topics in
the next decade, which presents key oppc tunities. First, the overlap of topics we identified in
marketing, finance, and accounting <ho ~< that the time is ripe for marketing—finance researchers
to enhance interdisciplinary coli: horations to translate insights into research targeted at the top
finance and accounting journa.~ 3econd, there is an opportunity to gain more traction (e.g., on
brand and customer disc,>sures) with regulatory agencies such as the SEC in the US and ESMA
in Europe to benefit firms and their stakeholders. We encourage the Marketing Accountability
Standards Board to play a more active role in this regard. Third, there is a growing emergence of
the crossover of marketing—finance insights from academia into actual practice (e.g., with cus-

tomer satisfaction and customer-based firm valuation). To accelerate this, a transformation of our



methods into tools that are practically implementable by professionals will be necessary.® As a
step in that direction, we hope that the collective findings in this article will generate a much-
needed discussion among academics, practitioners, and finance and marketing executives and
foster further research on the ever-expanding role of marketing in determining firm value.

Funding: This work was supported by a postdoc fellowship from the German Academic Ex-
change Service (DAAD) for the first author, who was a visiting researcher at Boston University
during the time of writing.

References

Abramson, C., Currim, I. S., & Sarin, R. (2005). An experimental investina..nn of the impact of infor-
mation on competitive decision making. Management Science, 51/2), . 95-207.

Anderson, E. W., & Mansi, S. A. (2009). Does customer satisfactica n.3tter to investors? Findings from
the bond market. Journal of Marketing Research, 46(5), 702-724.

Angrist, J. D., & Pischke, J.-S. (2009). Mostly harmless econean ios: An empiricist's companion. Prince-
ton, NJ: Princeton University Press.

Balasubramanian, S.K., Mathur, 1., & Thakur, R. (2005). Tt in\act of high-quality firm achievements on
shareholder value: Focus on Malcom Baldrige ar1 'O power and Associates awards. Journal of the
Academy of Marketing Science, 33(4), 413-422.

Bartov, E., Faurel, L., & Mohanram, P. S. (201&;. Lan Twitter help predict firm-level earnings and stock re-
turns? Accounting Review, 93(3), 25-57.

Bayer, E., Srinivasan, S., Riedl, E., & Skiert. B. (202J). The impact of online display and paid search adver-
tising relative to offline advertising on firn, nerformance and firm value. International Journal of Re-
search in Marketing, in press.

Bayer, E., Tuli, K. R., & Skiera, B. (20./,. Lu disclosures of customer metrics lower investors’ and analysts’
uncertainty but hurt firm perforraa.~e? Journal of Marketing Research, 54(2), 239-259.

Beber A., & Pagano M. (2013). St.~rt-c=lling bans around the world: Evidence from the 200709 crisis. Jour-
nal of Finance, 68(1), 343-281.

Bendig, D., Willmann, D., S'/ese, S., & Brettel, M. (2018). Share repurchases and myopia: Implications on
the stock and consu.i.>r 1,2 ets. Journal of Marketing, 82(2), 19-41.

Bendle, N. T., & Butt, M. N. 12018). The misuse of accounting-based approximations of Tobin’s q in a world
of market-based assets. Marketing Science, 37(3), 484-504.

Berger, J., Humphreys, A., Ludwig S., Moe W. W., Netzer, O., & Schweidel, D. A. (2020). Uniting the tribes:
Using text for marketing insight. Journal of Marketing, 84(1), 1-25.

Bernstein, S. (2015). Does going public affect innovation? Journal of Finance, 70(4), 1365-1403.

Bhagwat, Y., Warren, N. L., Beck, J. T., & Watson, George F. IV (2020). Corporate sociopolitical activism
and firm value. Journal of Marketing, 84(5), 1-21.

Bharadwaj, N., Hanssens, D. M., & Rao, R. (2020). Corporate brand value and cash holdings. Journal of
Brand Management, in press.

Bhattacharya, A., Misra, S., & Sardashti, H. (2019). Strategic orientation and firm risk. International Journal

8 We thank our anonymous survey respondents for inspiring some of these ideas.



of Research in Marketing, 36(4), 509-527.

Boehmer E., Jones C. M., & Zhang X. (2013). Shackling short sellers: The 2008 shorting ban. Review of Fi-
nancial Studies, 26(6), 1363-1400.

Borah, A., & Tellis, G. (2016). Halo (spillover) effects in social media: Do product recalls of one brand hurt
or help rival brands? Journal of Marketing Research, 53(2), 142-160.

Boyd, D. E., Kannan, P. K., & Slotegraaf, R. J. (2019). Branded apps and their impact on firm value: A design
perspective. Journal of Marketing, 56(1), 76-88.

Business Roundtable (2019). Business roundtable redefines the purpose of a corporation to promote “an
economy that serves all Americans.” https://www.businessroundtable.org/business-roundtable-redefines-
the-purpose-of-a-corporation-to-promote-an-economy-that-serves-all-americans.

Cao, L., Liu, X., & Cao, W. (2018). The effects of search-related and purchase-related mobile app additions
on retailers’ shareholder wealth: The roles of firm size, product catege ¢y, and customer segment. Journal
of Retailing, 94(4), 343-351.

Carhart, M. M. (1997). On persistence in mutual fund performance. Jour 1al ¢© Finance, 52(1), 57-82.

Carlson, M., Fisher, A., & Giammarino, R. (2010). SEQ risk dynamir.. Meview of Financial Studies, 23(11),
4026-4077.

Chakravarty, A., & Grewal, R. (2011). Stock market in the driver's scat! Implications for R&D and marketing.
Management Science, 57(9), 1594-16009.

Chen, J., Demers, E., & Lev, B. (2018). Oh what a beautiful o srn..»q! Diurnal influences on executives and
analysts: Evidence from conference calls. Managemn:n- Science, 64(12), 5899-5924.

Chen, T., Dong, H., & Lin, C. (2020). Institutional sha.eh.'~:rs and corporate social responsibility. Journal of
Financial Economics, 135(2), 483-504.

Chen, M. A, Wy, Q., & Yang, B. (2019). How v. ""able is fintech innovation? Review of Financial Studies,
32(5), 2062-2106.

CMO Survey (2019, August). Highlights & insiyhts report. https://cmosurvey.org/wp-
content/uploads/2019/08/The_ CMO_ 31.rv-y-Highlights-and_Insights Report-Aug-2019-1.pdf.

Cockburn, 1., Henderson, R., & Stern, S. {?uL7). The impact of artificial intelligence on innovation. NBER
Working Paper 24449,

Cohen, L. H., & Gurun, U. G. (2C"8). Buying the verdict. NBER Working Paper 24542.

Colicev, A., Malshe, A., Pauwels, K. & O’Connor, P. (2018). Improving consumer mindset metrics and
shareholder value throu jh scial media: The different roles of owned and earned media. Journal of Mar-
keting, 82(1), 37-5€.

Conchar, M. P., Crask, M. R. & Zinkhan, G. M. (2005). Market valuation models of the effect of advertising
and promotional spending: A review and meta-analysis. Journal of the Academy of Marketing Science,
33(4), 445-60.

Dai, R., Liang, H., & Lilian, N. (2020). Socially responsible corporate customers. Journal of Financial Eco-
nomics, in press.

Daniel, K., Hirshleifer, D., & Sun, L. (2020). Short- and long-term behavioral factors. Review of Financial
Studies, 33(4), 1673-1736.

Dhaliwal, D. S., Radhakrishnan, S., Tsang, A., & Yang, Y. G. (2012). Nonfinancial disclosure and analyst
forecast accuracy: International evidence on corporate social responsibility disclosure. Accounting Re-
view, 87(3), 723-759.

Diorio, S. (2017, May 2). Closing the marketing performance credibility gap. Forbes.
https://www.forbes.com/sites/forbesinsights/2017/05/02/the-marketing-performance-credibility-gap/" \I
"114edf6f455a.

Dotzel, T., & Shankar, V. (2019). The relative effects of business-to-business (vs. business-to-consumer) ser-



vice innovations on firm value and firm risk: An empirical analysis. Journal of Marketing, 83(5), 133-
152.

Du, D., & Osmonbekov, T. (2020). Direct effect of advertising spending on firm value: Moderating role of
financial analyst coverage. International Journal of Research in Marketing, 37(1), 196-212.

Edeling, A., & Fischer, M. (2016). Marketing’s impact on firm value: Generalizations from a meta-analysis.
Journal of Marketing Research, 53(4), 515-534.

Edmans, A. (2011). Does the stock market fully value intangibles? Employee satisfaction and equity prices.
Journal of Financial Economics, 101(3), 621-640.

Fama, E. F. (1991). Efficient capital markets: Il. Journal of Finance, 46(5), 1575-1617.

Fama, E. F., & French, K. R. (1993). Common risk factors in the returns on stocks and bonds. Journal of Fi-
nancial Economics, 33(1), 3-56.

Fama, E. F., & French, K. R. (2015). A five-factor asset pricing model. JoL rnal of Financial Economics,
116(1), 1-22.

Fecht, F., Hackethal, A., & Karabulut, Y. (2018). Is proprietary trading ¢ >trin 2ntal to retail investors. Journal
of Finance, 73(3), 1323-1361.

Feng, H., Morgan, N., & Rego, L. L. (2020). The impact of unprof L ~ ~dstomer management strategies on
shareholder value. Journal of the Academy of Marketing Scienc> 48(2), 246-269.

Fink, L. (2019). Larry Fink’s 2019 letter to CEOs. https://wwv. hlac rock.com/corporate/investor-
relations/larry-fink-ceo-letter.

Focke, F., Ruenzi, S., & Ungeheuer, M. (2020). Advertis inr,, ettention and financial markets. Review of Fi-
nancial Studies, in press.

Fornell, C., Mithas, S., Morgeson 11, F. V., & Kr.shi an, ' A. S. (2006). Customer satisfaction and stock prices:
High returns, low risk. Journal of Marketiny, 7J(1), 3-14.

Fornell, C., Morgeson 11, F. V., & Hult, G. T M. (2016). Stock returns on customer satisfaction do beat the
market: gauging the effect of a marketi~a n.*angible. Journal of Marketing, 80(5), 92-107.

Fournier, S., Srinivasan, S., & Marrinan, F. 20 20). Re-envisioning marketing for an age of risky business.
working paper, Boston Universitv

Frennea, C., Han, K., & Mittal, V. (*J1Y, Value appropriation and firm shareholder value: Role of advertis-
ing and receivables managem.nt. 2ournal of Marketing Research, 56(2), 291-3009.

Ganesan, S. (Ed.) (2012). Handb. 7k )t marketing and finance. Cheltenham (UK): Edward Elgar.

Germann, F., Ebbes, P., & Cewa , R. (2015). The chief marketing officer matters! Journal of Marketing,
79(3), 1-22.

Godbole, N., Srinivasaiah, M , & Skiena, S. (2007, January). Large-scale sentiment analysis for news and
blogs. In Proceedings of the international conference on weblogs and social media (pp. 219-222). Boul-
der, CO: ICWSM.

Gow, I. D., Larcker, D. F., & Reiss, P. C. (2016). Causal inference in accounting research. Journal of Ac-
counting Research, 54(2), 477-513.

Graham, M. (2019, November 22). Old navy will shift back to brand-building in a growing trend among ad-
vertisers. cnbc.com. https://www.cnbc.com/amp/2019/11/22/old-navy-was-neglecting-brand-marketing-
gap-cfo-admits.html?__twitter_impression=true.

Green, T. C., Huang, R., Wen, Q., & Zhou, D. (2019). Crowdsourced employer reviews and stock returns.
Journal of Financial Economics, 109(3), 813-834.

Green, T. C., & Jame, R. (2013). Company name fluency, investor recognition, and firm value. Journal of
Financial Economics, 134(1), 236-251.

Groening, C., Mittal, V., & Zhang, Y. (2016). Cross-validation of customer and employee signals and firm
valuation. Journal of Marketing Research, 53(1), 61-76.



Gu, S., Kelly, B., & Xiu, D. (2020). Empirical asset pricing via machine learning. Review of Financial Stud-
ies. 33(5), 2223-2273.

Gupta, S., Lehmann, D. R., & Stuart J. A. (2004). Valuing customers. Journal of Marketing Research, 41(1),
7-18.

Gurun, U. G., & Butler, A. W. (2012). Don’t believe the hype: Local media slant, local advertising, and firm
value. Journal of Finance, 67(2), 561-597.

Gutierrez, E., Lourie, B., Nekrasov, A., & Shevlin, T. (2020). Are online job postings informative to inves-
tors? Management Science, in press.

Han, K., Mittal, V., & Zhang, Y. (2017). Relative strategic emphasis and firm-idiosyncratic risk: The moder-
ating role of relative performance and demand instability. Journal of Marketing, 81(4), 25-44.

Hanssens, D. M. (2018). The value of empirical generalizations in marketing. Journal of the Academy of
Marketing Science, 46(1), 6-8.

Hanssens, D. M., Rust, R. T., & Srivastava, R. K. (2009). Marketing strateay ~d Wall Street: Nailing down
marketing’s impact. Journal of Marketing, 73(6), 115-118.

Hartmann, J., Huppertz, J., Schamp, C., & Heitmann, M. (2019). ~u. "0« Ing automated text classification
methods. International Journal of Research in Marketing, 36(*), ?0-',8.

Harvey, C. R., Liu, Y., & Zhu, H. (2016). ... and the cross-sectinrn ¢ expected returns. Review of Financial
Studies, 29(1), 5-68.

He, J., & Tian, X. (2013). The dark side of analyst coverage: T:e vse of innovation. Journal of Financial
Economics, 109(3), 856-878.

Himme, A., & Fischer M. (2014). Drivers of the cost «f c.>¥al: The joint role of non-financial metrics. Inter-
national Journal of Research in Marketing, 7 .\."), .”4-238.

Hoberg, G., & Phillips G. (2016). Text-based new. *c.K industries and endogenous product differentiation.
Journal of Political Economy, 124(5), 2423-14¢5.

Hoberg, G., Phillips G., & Prabhala, N. (20" 1. \**oduct market threats, payouts, and financial flexibility.
Journal of Finance, 69(1), 293-324.

Hock, S. J. & S. Raithel (2020). Manac iny "egative celebrity endorser publicity: How announcements of firm
(non)responses affect stock retis ns. Management Science, 66(3), 1473-1495.

Hou, K., Xue, C., & Zhang, L. (20:R). Digesting anomalies: An investment approach. Review of Financial
Studies. 28(3), 650-705.

Hsu, L., Fournier, S., & Srin’vasa, S. (2016). Brand architecture strategy and firm value: how leveraging,
separating, and dista,>iny, *-.c¢ corporate brand affects risk and returns. Journal of the Academy of Mar-
keting Science, 44(2), 26 -280.

Hsu, L., & Lawrence, B. (2016). The role of social media and brand equity during a product recall crisis: A
shareholder value perspective. International Journal of Research in Marketing, 33(1), 59-77.

Huang, A. H., Zang, A. Y., & Zheng, R. (2014). Evidence on the information content of text in analyst re-
ports. Accounting Review, 89(6), 2151-2180.

Huang, J. (2018). The customer knows best: The investment value of consumer opinions. Journal of Finan-
cial Economics, 128(1), 164-182.

Huang, M. H., & Trusov, M. (2020). Customer satisfaction underappreciation: The relation of customer satis-
faction to CEO compensation. International Journal of Research in Marketing, 37(1), 129-150.

Jacobson, R., & Mizik, N. (2009). Customer satisfaction-based mispricing: Issues and misconceptions. Mar-
keting Science, 28(5), 836-45.

Josephson, B. W., Lee, J.-Y., Mariadoss, B. J., & Johnson, J. L. (2019). Uncle Sam rising: Performance im-
plications of business-to-government relationships. Journal of Marketing, 83(1), 51-72.

Kang, C., Germann, F., & Grewal, R. (2016). Washing away your sins? Corporate social responsibility, cor-



porate social irresponsibility, and firm performance. Journal of Marketing, 80(2), 59-79.

Kashmiri, S., Nicol, C. D., & Hsu, L. (2017). Birds of a feather: Intra-industry spillover of the Target custom-
er data breach and the shielding role of IT, marketing, and CSR. Journal of the Academy of Marketing
Science, 45(2), 208-228.

Katsikeas, C. S., Morgan, N. A., Leonidou, L. C., & Hult, G. T. (2016). Assessing performance outcomes in
marketing. Journal of Marketing, 80(2), 1-20.

Kolari, J. W., & Pynnénen, S. (2010). Event study testing with cross-sectional correlation of abnormal returns.
Review of Financial Studies, 23(11), 3996-4025.

Kothari, S. P., Mizik, N., & Roychowdhury, S. (2016). Managing for the moment: The role of earnings man-
agement via real activities versus accruals in SEO valuation. Accounting Review, 91(2), 559-586.

Knittel, C., & Stango, V. (2014). Celebrity endorsements, firm value, and reputation risk: Evidence from the
Tiger Woods scandal. Management Science, 60(1), 21-37.

Lamberton, C., & Stephen, A. T. (2016). A thematic exploration of digital, .cial media, and mobile mar-
keting: Research evolution from 2000 to 2015 and an agenda for “utur. inquiry. Journal of Market-
ing, 80(6), 146-172.

Lariviere B., Keiningham, T. L., Aksoy, L., Yalgin, A., Morgeson .'l. F. V., & Mithas, S. (2016). Model-
ing heterogeneity in the satisfaction, loyalty intention and si.>reholder value linkage: A cross-industry
analysis at the customer and firm level. Journal of Mark :tin, Research, 53(1), 91-109.

Larkin, Y. (2013). Brand perception, cash flow volatility, anr 1..-ancial policy. Journal of Financial Eco-
nomics, 110(1), 232-253.

Lawrence, A., Ryans, J., Sun, E., & Laptev, N. (2018}. ” arr.ings announcement promotions: A Yahoo Fi-
nance field experiment. Journal of Accounti~> ai.1 Economics, 66(2/3), 399-414

Lehmann, D. (2004). Metrics for making mark.*iny matter. Journal of Marketing, 68(4), 73-75.

Lian, C., Ma, Y., & Wang, C. (2018). Low interes\ .ates and risk-taking: Evidence from individual in-
vestment decisions. Review of Financial Ctudies, 32(6), 2107-2148.

Lim, L. G., Tuli, K. R., & Dekimpe, M. C. (2..18). Investors’ evaluations of price-increase preannounce-
ments. International Journal of P<s>aien in Marketing, 35(3), 359-377.

Loughran, T., & McDonald, B. (207.1). ‘Nhen is a liability not a liability? Textual analysis, dictionaries,
and 10-Ks. Journal of Finar-e, %6(1), 35-65.

Loughran, T., & McDonald, B. /201%). Textual analysis in accounting and finance: A survey. Journal of
Accounting Research, F4(~ 1187-1230.

Luo, X., & de Jong, P. .. ?0.2}. Does advertising spending really work? The intermediate role of analysts
in the impact of advertis 'ng on firm value. Journal of the Academy of Marketing Science, 40(4), 605-
624.

Luo, X., Homburg, C., & Wieseke, J. (2010). Customer satisfaction, analyst stock recommendations, and
firm value. Journal of Marketing Research, 47(6), 1041-1058.

Luo, X., Zhang, J., & Duan, W. (2013). Social media and firm equity value. Information Systems Re-
search, 24(1), 146-63.

Lynch, J. G. Jr. (2011). Introduction to the Journal of Marketing Research special interdisciplinary issue
on consumer financial decision making. Journal of Marketing Research, 48(Special Issue) Siv-Svii.

Malshe, A., & Agarwal, M. K. (2015). From finance to marketing: The impact of financial leverage on
customer satisfaction. Journal of Marketing, 79(5), 21-38.

Manchiraju, H., Rajgopal, S. (2017). Does corporate social responsibility (CSR) create shareholder value?
Evidence from the Indian companies act 2013. Journal of Accounting Research, 55(5), 1257-1300.

Martin, K. D., Borah, A., & Palmatier, R.W. (2017). Data privacy: Effects on customer and firm perfor-
mance. Journal of Marketing, 81(1), 36-58.



Martin, K. D., & Murphy, P.E. (2017). The role of data privacy in marketing. Journal of the Academy of
Marketing Science, 45(2), 135-155.

Martin, P. R., & Moser, D. V. (2016). Managers’ green investment disclosures and investors’ reaction.
Journal of Accounting and Economics, 61(1), 239-254.

McCarthy, D.M., & Fader, P. S. (2018). Customer-based corporate valuation for publicly traded non-
contractual firms. Journal of Marketing Research, 55(5), 617-635.

McCarthy, D. M., Fader, P. S, & Hardie, B. G. S. (2017). Valuing subscription-based businesses using
publicly disclosed customer data. Journal of Marketing, 81(1), 17-35.

Mian, G. M., Sharma, P., Gul, F. A. (2018). Investor sentiment and advertising expenditure. International
Journal of Research in Marketing, 35(4), 611-627.

Mintz, O., & Currim, I. S. (2013). What drives managerial use of marketing and financial metrics and
does metric use affect performance of marketing activities? Journa! of Marketing, 77(2), 17-40.

Mizik, N. (2010). The theory and practice of myopic management. Journar ~f Marketing Research, 47(4),
594-611.

Mizik, N. (2014). Assessing the total financial performance impact ui “raiid equity with limited time-
series data. Journal of Marketing Research, 51(6), 691-706.

Mizik, N., & R. Jacobson (2009). Financial markets research i» n.orketing. Journal of Marketing Re-
search, 46(3), 320-324.

Moorman, C., & Day, G. S. (2016). Organizing for marketir j ex~ellence. Journal of Marketing, 80(6), 6-
35.

Moorman, C., & Lehmann, D. (Eds.) (2004). Assessi.ig 1..~.Keting strategy performance. Cambridge
(MA): Marketing Science Institute.

Moorman, C., Van Heerde, H., Moreau, C. P., ¢ Falmatier, R. W. (2019). JM as a marketplace of ideas.
Journal of Marketing, 83(1), 1-7.

Moorman, C., Wies S., Mizik, N., & Spenrar, = J. (2012). Firm innovation and the ratchet effect among
consumer-packaged goods firms. M..r'.ev..g Science, 31(6), 934-951.

Nath, P., & Bharadwaj, N. (2020). Ch.et .marketing officer presence and firm performance: assessing con-
ditions under which the presen .e € other C-level functional executives matters. Journal of the Acad-
emy of Marketing Science, i 01<S.

Panagopoulos, N. G., Mullins, > . & Avramidis, P. (2018). Sales force downsizing and firm-idiosyncratic
risk: The contingent ro’c 0. investors’ screening and firm’s signaling processes. Journal of Market-
ing, 82(6), 71-88.

Park, N. K. (2004). A guide 1 using event study methods in multi-country settings. Strategic Management
Journal, 25(7), 655-604d.

Park, K. M., Chintagunta, P. K., & Suk, 1. (2019). Capital market returns to new product development
success: Informational effects on product market advertising. Journal of Marketing Research, 56(1),
37-56.

Peters, R. H., & Taylor, L. A. (2017). Intangible capital and the investment-q relation. Journal of Finan-
cial Economics, 123(2), 251-272.

Porto, R. B., & Foxall, G. (2019). The marketing firm as a metacontingency: Revealing the mutual relation-
ships between marketing and finance. Journal of Organizational Behavior Management, 39(3/4), 115-
144,

Schulze, C., Skiera, B., & Wiesel, T. (2012). Linking customer and financial metrics to shareholder value:
The leverage effect in customer-based valuation. Journal of Marketing, 76(2), 17-32.

Servaes, H., & Tamayo, A. (2013). The impact of corporate social responsibility on firm value: The role
of customer awareness. Management Science, 59(5), 1045-1061.



Skiera, B., Bayer, E., & Schdler, L. (2017). What should be the dependent variable in marketing-related
event studies. International Journal of Research in Marketing, 34(3), 641-659.

Solomon, D. H. (2012). Selective publicity and stock prices. Journal of Finance, 67(2), 599-638.

Sorescu, A., Sorescu, S. M., Armstrong, W. J., & Devoldere, B. (2018). Two centuries of innovations and
stock market bubbles. Marketing Science, 37(4), 507-529.

Sorescu, A., Warren, N. L., & Ertekin, L. (2017). Event study methodology in the marketing literature: An
overview. Journal of the Academy of Marketing Science, 45(2), 186-207.

Sridhar, S., Germann, F., Kang, C., & Grewal, R. (2016). Relating online, regional, and national advertis-
ing to firm value. Journal of Marketing, 80(4), 39-55.

Srinivasan, R., & Ramani, N. (2019). With power comes responsibility: How powerful marketing depart-
ments can help prevent myopic management. Journal of Marketing, 83(3), 108-125.

Srinivasan, S., & Hanssens, D. M. (2009). Marketing and firm value: Mctrics, methods, findings, and fu-
ture directions. Journal of Marketing Research, 46(3), 293-312.

Srinivasan, S., Pauwels, K. H., Silva-Risso, J. M., & Hanssens, D. M. 200: ). Product innovations, adver-
tising, and stock returns. Journal of Marketing, 73(1), 24-43.

Stébler, S., & Fischer, M. (2020). When does corporate social irr :sp. ~n<bility become news? Evidence
from more than 1,000 brand transgressions across five co''nu :=s. Journal of Marketing, 84(3), 46-67.

Thomaz, F., & Swaminathan, V. (2015). What goes around v "me: around: The impact of marketing alli-
ances on firm risk and the moderating role of network ¢ :ns,:\.. Journal of Marketing, 79(5), 63-79.

Tirunillai, S., & Tellis, G. (2012). Does chatter really riar’er? Dynamics of user-generated content and
stock performance. Marketing Science, 31(2), 1¢8-."E.

Vomberg, A., Homburg, C., &, Bornemann, T. 20. 5). Talented people and strong brands: The contribu-
tion of human capital and brand equity to 1.r. value. Strategic Management Journal, 36(13), 2122-
2131.

Wang, H., Yuan, H., Li, X., & Li, H. (201©) e impact of psychological identification with home-name
stocks on investor behavior: an emp.ri<a: und experimental investigation. Journal of the Academy of
Marketing Science, 47(6), 1109-1 121,

Warren, N. L., & Sorescu, A. (20174). nterpreting the stock returns to new product announcements: how
the past shapes investors' expac.tions of the future. Journal of Marketing Research, 54(5), 799-815.

Warren, N. L., & Sorescu, A. (2117);. When 1 + 1 > 2: How investors react to new product releases an-
nounced concurrently v.1u, ntrer corporate news. Journal of Marketing, 81(2), 64-82.

Wies, S., Hoffmann, A. C 1., "spara, J., & Pennings, J. M.E. (2019). Can advertising investments counter
the negative impact of s areholder complaints on firm value? Journal of Marketing, 83(4), 58-80.
Wies, S., & Moorman, C. (2015). Going public: How stock market listing changes firm innovation behav-

ior. Journal of Marketing Research, 52(5), 694-709.

Wiles, M. A., Jain, S. P., Mishra, S., & Lindsey, C. (2010). Stock market response to regulatory reports of
deceptive advertising: the moderating effect of omission bias and firm reputation. Marketing Science,
29(5), 828-845.

Woodroof, P. J., Deitz, G. D., Howie, K.M., & Evans Jr., R. D. (2019). The effect of cause-related market-
ing on firm value: a look at Fortune’s most admired all-stars. Journal of the Academy of Marketing
Science, 47(5), 899-918.

Xiong, G., & Bharadwaj, S. (2013). Asymmetric roles of advertising and marketing capability in financial
returns to news: Turning bad into good and good into great. Journal of Marketing Research, 50(6),
706-724.

Ya, Y., Srinivasan, S., Joshi, A., & Pauwels K. (2020). How CEO/CMO characteristics affect innovation
and stock returns: Findings and future directions. Journal of the Academy of Marketing Science, forth-



coming.

Yadav, M. S., Prabhu, J. C., & Chandy, R. K. (2007). Managing the future: CEO attention and innovation
outcomes. Journal of Marketing, 71(4), 84-101.

Zuo, L., Fisher, G. J., & Yang, Z. (2019). Organizational learning and technological innovation: the dis-
tinct dimensions of novelty and meaningfulness that impact firm performance. Journal of the Acade-
my of Marketing Science, 47(6), 1166-1183.



Fig. 1. Graphical representation of data from review of studies and surveys.
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Panel D: Important future marketing-finance topics (from survey)




Fig. 2. Metrics studied at the marketing—finance interface before and after 20009.
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Table 1. Methodological developments in marketing vs. finance/accounting literature.

Panel A: Comparison of marketing and finance/accounting literature on general methodological issues

General method-

ological aspect

Marketing literature

Finance and accounting literature

Theoretical
foundation

Direction of in-
vestigation

Focus of atten-
tion marketing
variables

Focus of atten-
tion financial
variables

Single- vs. mul-
ti-method ap-
proach

Strategies to es-
tablish causality

Stronger theoretical discussion than in fi-
nance/accounting articles (e.g., stakeholder theo-
ry in Wies et al. [2019]; associative-network the-
ory in Borah and Tellis [2016]; theory of news
value in Stabler and Fischer [2020])

Rather from marketing to financial variables

Rather broad with focus on innovation, advertis-
ing, customer satisfaction, and brand equity

The “big 4” firm-value variables stock return,
Tobin’s q, idiosyncratic and systematic risk

Traditionally single-method approach, slowly
changing to multi-method

Panel-data and instrumental-variable approaches
(e.g., Germann, Ebbes, & Grewal, 2015); vcu. or-
autoregressive models (e.g., Colicev et al., 21§

Often assumed that reader is familiar with key
finance theories such as the efficient market hy-
pothesis (Fama 1991); focus is rather on empiri-
cal phenomena (e.g., Focke et al., 2020; Huang,
2018)

Larger percentage of studies that examine the fi-
nance = marketing direction

Rather narrow with focus on innovation, adver-
tising, onlir.e metrics, and, particularly, CSR

Stronger .0cw~ on analyst and, particularly, inves-
tor behav.~r

L~-ger o.rcentage of multi-method studies (e.g.,
“ntnh Hirections of investigations in the same
stuc y as in Larkin [2013])

F.el-data and instrumental variable approaches
(e.g., Chen, Dong, & Lin, 2020);

(Quasi-)natural experiments using differences-in-
differences (e.g., He & Tian, 2013) or regression
discontinuity (e.g., Manchiraju & Rajgopal,
2017); field experiments (Lawrence et al., 2018);
lab experiments (Martin & Moser, 2016)

Panel B: Major methodological marketing—finance “evelopments in marketing and finance/accounting literature

Method

Marketing literature

Finance and accounting literature
[application in marketing literature]

Factor models
(general asset
pricing)

Event study

o Superiority of retaining confounded events in
events (Sorescu et al., 2017)

e Decomposition of abnormal return into man-
ager-predicted and unpredicted abnormal re-
turns (Park et al., 2019)

o Using the cumulative abnormal return on the
operative business (CAR®) as the dependent

o Five-factor asset pricing model that adds prof-
itability and investment to the original 3-factor
Fama—French model (Fama & French, 2015)
[Fornell et al., 2016]; Hou et al., (2015) also
use investment and profitability factors to ex-
plain asset pricing anomalies

o Behavioral factor model based on investor psy-
chology by Daniel et al. (2020)

o New significance hurdles (t > 3.0) for models
that try to explain the cross section of stock re-
turns (Harvey et al., 2016)

o Machine-learning approaches to identify rele-
vant asset pricing factors outperform traditional
four-factor models in return prediction (Gu et
al., 2020)

o Event-study regression as an alternative to
standard analysis of cumulative abnormal re-
turns (Beber & Pagano, 2013; Boehmer et al.,
2013) [Hock & Raithel, 2020]

o New t-statistic that takes into account cross-
sectional correlation among abnormal returns
(Kolari & Pynnénen, 2010) [Feng et al., 2020]



Stock return re-
sponse models

Calendar time
portfolio
Persistence
modeling

Tobin’s q
models

Marketing-based
valuation

variable (Skiera et al., 2017)

Analysis of the total long-term financial conse-
quences of marketing assets and decomposition
into immediate and future effects (Mizik, 2014)

o Structural panel VAR model by Kang, Ger-
mann, and Grewal (2016)

e Interactions in panel VAR model by Huang
and Trusov (2020)

e Formal derivation of the inferiority of the To-
bin’s q measure for market-based assets stud-
ies (Bendle & Butt, 2018)

¢ Incorporation of debt and non-operating assets
into customer-based valuation (Schulze et al.,
2012)

e Calculation of customer-based firm value

based on only publicly disclosed customer data

accounting for missing data and customer dy
namics (McCarthy et al., 2017)

o Calculation of customer-based firm vadue =,
noncontractual firms (McCarthv « ~au.*.
2018)

o Event studies to analyze change in stock price
risk (Carlson et al., 2010) [Thomaz &
Swaminathan, 2015]

Developments from the “Factor models” (see
above) apply here

Developments from the “Factor models” (see
above) apply here

Developmeat of a new “Total q” measure that
overcomes ». any of the limitations of the tradi-
tional Tor...’s q metric (Peters & Taylor, 2017)
[Du & C ‘mon jekov, 2020]




Table 2. Studies using automatic textual analysis methods at the marketing—finance interface.

Discipline

Authors

Data information

Extracted text information

Data type (text produc-

Data source(s)

Volume

Classification (applied approach)

Sentiment classifica-
tion

Contentclassification

Topicmodeling

Tirunillai and Tel- Marketing
lis (2012)

Solomon (2012)  Finance
Green and Jame  Finance
(2013)

Xiong and Bha-  Marketing

radwaj (2013)

Borah and Tellis  Marketing
(2016)

Hsu and Lawrence Marketing
(2016)

Kashmiri, Nicol, Marketing
and Hsu (2017)

Bartov et al.
(2018)

Earned social media
(consumers)

News content (institu-

Firm/brand names

News content (institu-

Earned social media
during product recalls
(consumers)

Earned social media
during product recai s
(consumers)

Product-market simi-
larity (firms)

Accounting Earned social media
(consumers)

Consumer reviews on Ama-
zon.com, Epinions.com, Ya-
hoo! Shopping

Factiva

CSRP

Lydia/TextMap (text pro-
cessing system for >500
newspapers)

Third-party previder (..ot
named) of’er. g .'ata from
car-re’z*ad ornas, blogs,
ard . wvie. s

T ‘rd-Larty provider Alterian
¢ fering data from social me-
Jia mentions, blogs, tweets,
posts, images, and conversa-
tion

Text-based Network Industry
Classification (TNIC) data-
base by Hoberg and Phillips
(2016)

Twitter reseller GNIP

Yes

No

No

Mo

No

Yes

No

No

Yes (ML [naive
Bayes, support vector
machine])

Yes (lexicon-hase
[Loughran %
McDo alu 22%))
Nc

Y »s (lexicon-based
[Godbole, Sriniva-
saiah, & Skiena,
2007])

Yes (lexicon-based,
from third-party pro-
vided)

Yes (lexicon-based,
from-third party pro-
vider)

No

Yes (ML [naive
Bayes] and lexicon-
based [Loughran &
McDonald, 2011,
Harvard Psychosoci-
ological Dictionary )

No

No

Yes (company name flu-
ency based on lexicon ap-
proach)

No

No

No

Yes (similarity of words
used by firms i and j)

No

No

No

No

No

No

No

No



Colicev et al. Marketing
(2018)

Panagopoulos, Marketing
Mullins, and Av-

ramidis (2018)

Sorescu et al. Marketing
(2018)

Bhattacharya, Marketing
Mishra, and Sar-
dashti (2019)

Chen, Wu, and Finance
Yang (2019)

Dotzel and Shan- Marketing
kar (2019)

Frennea, Han, and Marketing
Mittal (2019)

Green et al. Finance
(2019)

Earned social media  Third-party provider (not

(consumers) named) offering data from
Facebook, Twitter, and
YouTube

CEO external focus 10-K reports

(firm)

Product-market fluidity Product-market fluidity data-

(firms) base by Hoberg, Phillips, and
Prabhala (2014)

Diffusion of innovation Google Books Ngram View-

(society) er

Strategic orientation  10-K reports

(firms)

Fintech innovations Patent filings
(firms)

Service innovation an- Lexis Nexis
nouncement quality
(firms)

Considera*.»n(fre-  10-K reports
ceivables investn. oo

(firms)

Employee satisfaction Glassdoor
(employees)

Yes

No

No

Yes

No

"0

No

No

No

Yes (ML [naive No

Bayes])

No Yes (lexicon-based
[Yadav, Prabhu, & Chan-
dy, 2007])

No Yes (changing of product
words by rivals that over-
lap with firm i’s vocabu-
lary)

No No

Nt Yes (lexicon-based [Lin-
guistics Inquiry and Word
Count])

No Yes (machine learning
[support vector machines,
neural networks)

No No

No Yes (lexicon-based)

Yes (difference in No
number of words in

Pros and Cons sec-

tions)

No

No

No

No

No

Yes (ML [latent
Dirichlet alloca-
tion]) (customer
vs. technology
VS. service em-
phasis)

No

No

®ML = machine learning.



Table 3. Overview of results for the top ten marketing and financial-market variables.

Behavior of financial-

market participants Financial-market performance
Analysts  Investors Level/return metrics Risk-volatility metrics
Earnings Tobin’s g/  Market-
forecaster- Trading  Stock re- Market-to- capitaliza- Idiosyncra- Systematic Total stock Cash-flow
ror volume turn book ratio tion Cash flow tic risk risk risk volatility
# 7 8 185 65 12 9 28 25 6 6
Variable (category) + 0 - +0 - +0 - +0 -+ 0 -+ 0 - + 0 - -+ 0 - + 0 -
1. Advertising expenditures (ac- 36 100128 5 8 321000 ' (2010 1 3 01 0
tions)
2. Customer satisfaction (assets) 32 0 0 1 %9 01301 3 n ' o 001 2 2 01 4 1 0 0 1
3.New product introductions (ac- 24 1 0 0155 0 131 O 2 2 0 2 1 0 1 2
tions)
4.CSR (actions) 17 0 0 1 3 4 4 6 /5 " 01 1 0 1 1
5. Alliances (configuration) 16 12 4 L v 0 2
5. Customer-based brand equity 16 8 11 ¢ + 0 O 2 00 0 2 3 11 0 01 0 0 2
(assets)
6. R&D expenditures (actions) 15 L 21 2 1 0 0 1
7.Product quality (assets) 8 1 0 O £ 50 1 0
7.Financial brand equity (assets) 8 2 20 0 0200 00 O0OO0OT10 010
8.Product recall (actions) 7 1 2 6
9. Earned social media volume 6 0 0 7 2 0 1 30
(assets)
9.Earned social media negative 6 1 0 0 0 1 7 3 00
sentiment (assets)
10. Earned social media positive 5 01 0 2 1 0 0 2 2
sentiment (assets)
10. Myopic management (ac- 5 2 1 5
tions)

Total number of studies that investigate the impact of marketing on financial variables. For example, 32 studies examine the effect of customer satisfaction on
any financial variables (not just the ones listed here). Similarly, four studies assess the effect of any marketing variables on earnings forecast error.

Notes: The table includes main effects based on model-based results (regression coefficients). One study can contribute more than one effect (e.g., due to differ-
ent methodological approaches, different samples). Gray fields indicate that the relationship has not been studied.



Highlights

A new broad interdisciplinary review of the marketing—finance interface.
Categorization of a comprehensive set of metrics into an overarching framework.
Special emphasis on resolving methodological debates (event study, Tobin’s q).
Synthesis of findings in four important research areas (e.g., digital marketing).

Provision of a rich research agenda for the next ten years.



